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Customer Relationship Management with
Data Mining
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Abstract

Due to higher business competitions and rapidly changing customers 'needs, the
customer relationship management (CRM) has been playing its important role and it is
strongly necessary for the current business systems. As a result, a large number of
customer data have been stored for investigating customer behaviors. Also, current available
data analyzing techniques are not yet able to analyze and refine data accurately. Such
techniques cannot be implemented in supporting decision-making on the business for
responding to their customer needs. Thus the data mining technique was implemented in
analyzing data. In this case study the data mining by using the decision tree technique was
implemented in analyzing trends of credit-card holders. From an experiment, trends of
holding credit cards were known. Therefore, the research results could be used for
developing recommendations to motivate and create relationships with customers in different
groups in the future.
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2.1 Customer Relationship Management (CRM)
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