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Abstract
Purpose: The objective of this study is to conduct sentiment analysis of users' ideas on a
social media platform, including comments about the prices of digital assets, to forecast
potential price changes. Subsequently, the obtained results will be utilized to develop a
decision support system for individual investors.
Methodology: The study involves collecting ideas, trading techniques, graph analysis, and
market opinions from online trader community, TradingView is the largest global community
of cryptocurrency investors. Data was collected between September 1, 2022 and December
31, 2022, comprising a total of 8,725 text entries. The analysis focuses on categorizing the
sentiments of these texts into three groups: positively related to a bullish market direction
suggesting buying, negatively related to a bearish market direction suggesting selling, and
neutral sentiments related to do not trading. Subsequently, a model is developed based on
the majority user opinions to predict whether buying or selling is advisable during specific time
periods.
Findings: The forecasting accuracy using actual closing prices of digital assets compared to
forecasting prices from various calculation methods, including 1-day overlap, standardized
value, trend change analysis, percentage change, and correlation analysis, it was found that
the actual prices and forecasting prices were in close agreement. The Pearson Correlation
coefficient was as high as 0.89. Using the Granger-Causality Test, it was revealed that the
sentiments of users on TradingView regarding digital asset prices tended to move in the same
direction.
Applications of this study: The analysis revealed a high correlation between actual and
forecasted prices in the same direction. This result can be used to analyze turning points and
forecast the prices of digital assets. By integrating the techniques from this research into an

automated system that aggregates user opinions and analyzes real-time market sentiment, it
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can serve as a decision support tool for investment, including short-term price volatility
predictions.
Keywords: digital assets, crowd idea user, sentiment analysis; price prediction, digital trading,

trading ideas
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M990 1 LARIAI8819NNSAIUIMAY Sentiment

Date Tradingview Idea probability | Sentiment
13/11/65 | BTC TRENT TO THE NEXT BULL CYCLE. Around the bottom now

we Will Talk Next Year... BTC TRENT TO THE NEXT BULL CYCLE | 0.728104 POSITIVE
12/11/65 | BTC Down again on the Hourly??. So it looks like BTC might 0.973644 NEGATIVE

be headed down again on the short term. What are your

thoughts?
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=2

TuwsiazTuenasiidnvutnamuludedauesulatiuinni 1 Yssloa delu §33e3alavh
MIAMIUMIAIAEIUL Sentiment Score tadgluwsdiaziu ialUlddmiumsiinneianuduiusiv

¥ (% &a LY dll

TayasAdunsndfadianndedinnesulal 1nuuiiARAeues Sentiment Score kA tuusagiu
AwINNsEmineIrNidn MAnansevazvesnuAnviulu Tty Weuan WWeau wasunans

a1 . <l = & 1 a @ 1 I [ 5 < =
AI538dA1 Sentiment Score wUTguLgulazidonIANAniuvdIngluTuduluuinuseau
wnn3fiu (nsdliduau A1 Sentiment Score aglviAdufinausiag) fuwandlunisned 2

15197 2 LARIAIPEINNISANUINAN Sentiment

uuInan Average Sentiment Probability
Date Trading Idea | Negative | Neutral | Positive | Negative Neutral Positive
11/1/2022 64 17 20 27 -0.97493 0.91748 0.93916
11/2/2022 53 9 23 21 -0.90231 0.95334 0.98286
11/4/2022 61 10 21 30 -0.97064 0.96134 0.97485

NUUIAIYRY Adjust Sentiment Score MlaanHenfdnuIuAANEIldIINNTN
AR NTINUIYIIANINANRAEITIANTDUNAS 7 TUNountil (Average True Range : ATR (7))
HANITNYINTAUTIA LEAAIAIANTIT 3

A543 LARINANISNEINSalsIANDNABEURlaaNluLAE

Trading Average AuUAE
Date Idea Sentiment | Count | % Probability | Score | ATR (14) wuas 911038 | s1Aiune
11/1/2022 64 | Positive 27 42.2 0.93916 0.25 269.13 67.14 20485.27 20562.91
11/2/2022 53 | Positive 21 39.6 0.98286 0.17 273.01 45.57 20159.5 20608.48
11/3/2022 67 | Negative 25 37.3 0.96215 -0.36 256.89 -92.23 20209.99 20516.25
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A o ¢ a ¢ ¢ P v & . & o 1 ayw = a
dodspueaulatiazgniinsizviensualniuidn Il Sentiment Score MntuhamflauSeuiiey

[ [
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Aade 18375.52 18465.33
ﬁhtﬁmwummgm 1650.21 1570.58
Asan 15787.28 16262.75
Anniign 22370.44 21655.77
R® Score - 0.87
MSE - 349198.86
RMSE - 590.93
MAE - 380.81

Wauanangunu)Tgady (Line Chart) WielUTeulig us1A19394iUIIAIMLANDIN
vy 1wy siendnaeedluiuil 1 weednew w.e. 2565 avthunmuingiuaiauiandnamu

Tudedsruosuladluiufoniu Ao Juf 1 wgadnieu w.a. 2565 Wudu Jeldnadnsaanini 5
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1w £ o v &

lngufves Pearson’s lunismiAdulssdnsanduiiussendnesiadneesd wazA Sentiment

(% s

Score WNAMANEUUSEANTANAUNUSVRILAALNATANITAIUIN hazAITUIDIANUNLNEELTY

U & C% 1

msilulglunswensalsiAdunsngflanaluaamisnai 5

A5199 5 daneANduUsyansSanaunus Pearson Correlation

Techniques Trading Idea Sentiment Score
Pearson Correlation Sig.(2-tailed)
Actual Prices 0.89066 0.00000
1-day overlap 0.84820 0.00000
Standardized 0.329833 0.00023
Trend Change -0.106254 0.24807
Percentage Change -0.079638 0.38724

* Correlation is significant at the 0.05 level (2-tailed)

<

9nA597 5 9ziuledn AnduUseansanduius Pearson Correlation fifua
Tngldansmavessmaunsngaana (Actual Prices) Ail8a1nn1SiuELazAIaInNNISAIUI LY
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4.3.5 msvegdauanuAgudalumaluna Tnenisnagou Granger-Causality
mMsvageuLiienFmennsaiasnsninnenmatdlusuenlsvield wui Aada
nsvadey F 1y 2.3035 waze p faonadesiufe 0.0809 Liesand1 p litfosnin 0.05 Fsufias
aunfguinlills dufedmensallildvinenaaidusuian
dlevhnsmeaau Granger-Causality Tunuugeundu Tngldsanasadusudsvune
wazAmensaidusulsnu : adfnmsveaeu Fu 61.66 uazen p fidenadesiufe 0.0000 Lisaan
f p tesndn 0.05 IannsaUfiasauufgiuinesmavaaeulavasUlfimanntelauieadedy

MsyeAITIAINMIHeInsalle

In [10]: 1 from statsmedels.tsa.stattools import grangercausalitytests
? grangercausalitytests(df[['RealPrice', 'Predict’]], maxlag=[3])

Granger Causality

number of lags (no zero) 3

ssr based F test: F=2.3835 , p=8.8889 , df denom=118, df num=3
s5r based chi2 test: chi2=7.3582 , p=0.6615 , df=3

likelihood ratio test: chi2=7.1285 , p=08.8679 , df=3

parameter F test: F=2.3835 , p=0.@889 , df_denom=118, df_num=3

Out[i@]: {3: ({'ssr_ftest': (2.3934586084174744, ©.B838046868019756688, 116.8, 3),

*ssr_chi2test’: (7.350159184877577, 8.861536111154463585, 3),
*Irtest’: (7.1285193236288975, ©.86791238384768218, 3),
‘params_ftest': (2.3034686904166963, 0.08894068019764555, 118.8, 3.0)},
[<statsmodels.regression.linear model.RegressionResultskrapper at ex1624dbfdife>,
<statsmodels.regression.linear_model.RegressionResultsWrapper at ex1524dbfd160>,
array([[8., 8., 8., 1., 8., @., 8.],

[ e Bl e fal e el

fe., e., 6., 0., 8., 1., &.171)])}

In [11]: 1 from statsmodels.tsa.stattools import grangercausalitytests
} grangercausalitytests(df[[ 'Predict', 'RealPrice’]], maxlag=[3])

Grangsr Causality

number of lags (no zero) 3

ssr based F test: F=61.6588 , p=0.eeee , df denom=112, df num=3
ssr based chi2 test: chi2=196.7476, p=0.6880 , df=3

likelihood ratio test: chi2=115.4105, p=0.88ee@ , df=3

parameter F test: F=61.6588 , p=0.668@ , df_denom=118, df_ num=3

Out[i1]: {3: ({'ssr_ftest': (61.558794619268726, 1.848857131353529e-23, 118.8, 3),

‘ssr_chi2test’: (196.7476082851211, 2.127576028512252e-42, 3),
‘Irtest’: (115.41854711695551, 7.5199736424930@58-25, 3),
‘params_ftest': (61.658704619268825, 1.84805713135343%9e-23, 118.8, 3.8)},
[<statsmodels.regression.linear model.RegressionResultskrapper at ex1624dbfdzbe>,
<statsmodels.regression.linear_model.RegressionResultsirapper at ex1624dbfdzee>,
array([[e., 9., 8., 1., 8., 8., B.],

[e., 8., 8., 8., 1., 8., 0.],

[e., e., e., 0., e., 1., e.11)1}}

AT 12 ANUEAINANITILATIER Granger-Causality Test
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