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ABSTRACT

A recommender system is one of the utilization of a vast amount of data
normally known as Big Data, stored in digital format. One of the important of big
data applications was to analyze them to identify relations concealed inside the
data, such as pattern relations which were later developed for problem solving
guidelines or for decision making.

The ability of the recommender system was developed and created from
the machine learning in which the machine or computer was enabled to imitate
human intelligence and ability through the computer command set or algorithm.
The computer finally could retrieve data and analyze them, and perform problem
solving and decision making through the algorithm successfully prepared by human.

The most important element of the recommender system was its ability in
recommending information timely needed by users. In addition users’ trust in the
recommender system concerning recommended information, its safety and usability
was also important. Therefore, machine learning technique was integrated for
problem solving and improving the system effectiveness in recommending more
accurate and timely needed information. The purpose of this paper was to present

machine learning technique for educational usage and guideline for improving
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educational recommender system effectiveness. This would eventually lead to the

provision of accurate information needed by users.

Keywords: Machine Learning, Recommender Systems
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ﬁagaﬁlﬂﬁLﬁmﬁuﬁayjaﬁgﬂ%ﬁmmiﬁmu (Sakulnuy, W, 2012)
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23 ﬂﬂiniadﬁaﬁaLLunNaN (Hybrid Method Filtering)
ITUUNTRITBYALUUNANNIE Hybrid Method Filtering (Burke, R.
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(Item based collaborative filtering recommender system)
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Recommender system for predicting student performance (Thai-Nghe,

N. Eet al.,, (2010) laWamszuuuuziuianvinuenamsisouaadinEonw Loy
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NIV E-learning L4 ToyadIu@IU095138% (Learner Database) Ty auNiIeLh
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Measuring learner’'s performance in e-learning recommender systems
(Ghauth, K. Eet al., (2010) mu’i%’sﬁﬁ’mmﬂ%mmﬁwwaé’wfnﬁﬁ%'muﬁmaa;jﬁwﬁ
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A student-centered hybrid recommender system to provide relevant
learning objects from repositories (Rodriguez, P.A.Eet al.,(2015) mueﬁﬂ‘ﬁﬁ’lmua
i:m_lQ”Lm:ﬁ'lﬁLﬁuﬁnL'%slmﬂugmﬁﬂmaﬂ%’umsﬁumLf'zam WIDUNLIDUATY
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An automated recommender system for course selection (Al-Badarenah,
A., Eetal., (2016) ﬁ'll,auai:umm:ﬁ'lé’miuﬁﬁé’{m%'umﬂﬁan%ﬁngm lasauide
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M IWIAN Precision ez Recall tialszifinds=ansnw

A collaborative filtering based model for recommending graduate schools
(lyengar, M., ET et al., (2017) snuiioiltauassunuusinaminnasifiefnm
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Branched learning paths for the recommendation of personalized

sequences of course items (Krauss, C., Eet al,. (2018) ﬂ’]ia%"ldl,ﬁwn’mﬂ’ﬁﬁﬁui
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