Journal of Logistics and Supply Chain Operations (JLSCO) Vol. 12 No. 2 May - August 2026

388198eunanudl: fr3ny Avtauslndu uardaiadn wadled. (2569). Msungugnéndaeds | Received:  March 05, 2026
nausywINsIangusuuaiiuduazersienidy: nedidnulugsiefudnesulad. 29sa75UUfings | Revised:  April 22, 2026
ladadnauasdnnargioy, 12(2), 145-160. https://doi.org/10.53848/jlsco.v12i2.299053 Accepted: Augusst 28, 2026

nswlenguganAIAIe3sHaNInIeNIsIangusUUIATiuduazasoWd:
=L a 14 L= 4
nstlfnulugsiaduaneaula

[y

a € a o 'UI a1 o v 6 a I QZ*
AINY NAIUULLAAU LAY daUaan LIRaILYR

UNANED

lugafigshaduanseulatfeundyiuteyagnénsuaummeaa nsulangugnéuuudaiy
fafidasrialunisasiiounginssuiidudon muiteiifnguszasdiiioRmuinisutsngugndn
MEIENaNTENIINSIRTILY RFM waginaila K-Means clustering IngldtayaginssuAUdnaaulall
$1uam 406,573 e dunsdifinu nszuiumaideiEunmsrhemazendeyauazdnidendoya
ﬁﬁ@mm‘w nufuafus Recency, Frequency uaz Monetary wagyin1susuainadoya
AeuthlUdangude3s RFM scoring deutsgndteenidu 5 ngumdn uay K-Means clustering
Tnofmunduundanesfivnzausie Elbow method wagidenld d nau sansAnwnuinis RFM
Tinadwsidladsuazimngdmiun s llFnuduiin vmgd K-Means anunsoagviouniny
uaninadslassainavesgninliazifonnit Invannsauenngugniyarigsannesnainnguduld
othadarauudiidunugnifissdiution nsysannisaesisTieifiuemuus g uarem AT UAGY
YBINMIUVINGUGNAN LALANNNTAATUAYLNNTIMUANALNEYNINITNAIN N33N¥IRNA WaznTLila

yarnanAtugsnarUanesulatlaegeliussavsnin

AR NSWUINGNRNAN, N15I38UTVBUATEY, K-Means clustering, RFM, Auanesulal
Usznunadna: unauisy

*JSURAYOUUVAN
"u3em Haau Bwed legdu 911, Bla: sivarak@ngesth.com
ZanzAavrans uninerduwmaluladsivusrasnulnduns, swa: lanlalit..l@rmutr.ac.th

[ o LA v a L ' 14 o/ <
mumssusaaqmmwmnquamumsm\ammimﬂwa (TcL) ag”luﬂaqu 2 F1VUY VYA ILATEIANAENI

COLLEGE OF LOGISTICS AND SUPPLY CHAIN  SUAN SUNANDHA RAJABHAT UNIVERSITY 145



146

NIasufuRnsladafinduasdnnatsisu Ui 12 atud 2 weun1aw - AN 2569

Customer Segmentation Using a Hybrid Approach of K-Means Clustering
and RFM: An Online Retail Case Study

Sivarak Kijwattanaphokin' and Lanlalit Lhaochot™

_

Traditional customer segmentation methods are inadequate for understanding complex
consumer behaviors, as online shopping requires extensive data analysis. This research aims to
formulate a hybrid customer segmentation methodology by amalgamating RFM scoring with
K-Means clustering, employing a dataset from a genuine online retail transaction consisting of
406,573 records. The research methodology encompasses data cleansing and preprocessing,
the computation of the Recency, Frequency, and Monetary (RFM) variables, and data
normalization. We use RFM scoring to put customers into five groups and K-Means
clustering with the Elbow method to find the best number of clusters to put customers into
four groups. The findings demonstrate that RFM produces distinct and intelligible groups
relevant to practical situations. K-Means, on the other hand, wants to find deeper structural
differences between customers. This is especially helpful for finding customer groups that are
worth a lot. Using both methods together makes customer seementation more accurate and
complete. Online stores can use this information to plan their marketing, keep customers, and

increase the value of their business.
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