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Abstract

This study investigates how economic background affects parental support under the era of digital education,
the Technology Acceptance Model (TAM) offers significant insights into the acceptance levels of digital educational
technology among parents and students. Parents' acceptance of such technology directly impacts their support for their
children's education. By comparing the differences between high-income and low-income families, targeted strategies
are proposed for the government to achieve educational equity. The research conducts a survey using questionnaire
on 400 parents from high-income families and 400 parents from the low-income. The study constructs a structural
equation model (SEM) to verify model fit. After comparison, the results indicate that there are significant differences
in the factors influencing the level of parental support for higher education between high-income and low-income
families. For the high-income, cultural capital(f=0.906) and TAM(=0.509) positively affect parental support, and
the low-income, cultural capital(f=0.661), economic capital(f=0.120) and human capital(=0.283) positively impact
parental support, which indicate that the factors that affect the tow kinds of families are totally different. And all the
factors will be further analyzed in subsequent sections of this dissertation.

Keywords: parental support, higher education access, TAM, socioeconomic status, educational equity

Introduction

The digital transformation of China's education system has evolved through three developmental phases:
digital infrastructure expansion, which has connected 519,000 schools and serving approximately 293 million students
by 2023, network-based resource aggregation, hosting 44,000 K-12 (students’ aged 6 to 18) resources and 27,000
MOOC:s (online open courses), and Al-driven personalization, improving learning efficiency by 13.6% and reducing
parental tutoring time by 0.54 hours daily (Chinese Ministry of Education, 2024). Digital education has emerged as a
critical equalizer in addressing spatial and socioeconomic disparities in educational access. A prime example is
China’s National Smart Education Platform. This infrastructure integrates 500,000 schools and serves 180 million
users, including students, educators, and lifelong learners. It delivers 44,000 standardized instructional resources and
6,700 specialized courses. Its cloud-based architecture enables the reliable dissemination of premium content to 97.2%
of compulsory education institutions. Notably, it particularly benefits 163 underdeveloped counties through real-time
resource sharing and adaptive learning interfaces. In these ways, the platform effectively narrows regional educational
quality gaps (Ministry of Education of the People’s Republic of China, 2025).

' Ph.D. Student, Digital Economics and Management Innovation Program, International College, Majo University

24 Lecturer, International College, Maejo University
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However, significant regional disparities still persist, exemplified by Shanghai's advanced ecosystem (135.2-
billion-yuan education expenditure, 75.6% undergraduate enrollment) versus Nanning's basic limited digital access
(only 45.13% provincial enrollment rate) (Elite Exam Network, 2023). Empirical evidence from the 2021 CGSS
reveals family capital's multidimensional impact: economic capital and cultural capital demonstrate significant
intergenerational transmission effects, while social/political capital mediate institutional resource allocation.
Collectively, family capital explains 32.7% of educational achievement variance after controlling for covariates
(OR=2.1 for registered residence), underscoring persistent structural inequalities within China's digitally transformed
education landscape (CGSS, 2021).

Research Objective

To investigate how digital education and different forms of family capital (cultural economic, human)
influence parental support for higher education access, and how these influences differ between high-income and low-
income families.

Literature Review

Cultural Capital

According to Pierre Bourdieu's theory (1986), cultural capital encompasses non-financial social assets that
facilitate mobility through three interconnected forms: embodied (internalized skills, dispositions, and educational
competencies shaped by familial socialization and institutional discipline), objectified (material cultural goods
requiring economic capital for acquisition and embodied capital for decoding), and institutionalized (formal
educational credentials). Its reproduction through inter-generational transmission reinforces social stratification by
perpetuating unequal resource distribution. Embodied capital, marked by physical and diachronic accumulation, forms
the basis of identity and symbolic power, while objectified capital operates as a materialized tool of social
differentiation through consumption practices. Together, these forms underpin the dual logic of cultural reproduction,
where economic and symbolic resources intersect to sustain hierarchical power relations.

Economic Capital

Adam Smith's The Wealth of Nations (1776) articulates a tripartite framework connecting capital
accumulation to economic prosperity: (1) Capital expansion operates through dual mechanisms — material investments
(machinery, infrastructure) and human capital development (skills/knowledge)—driving productivity via technological
adoption and economies of scale, aligning with Kaldor's (1961) growth theory; (2) The fixed-circulating capital
dichotomy (durable assets vs. operational liquidity) underpins sustained production cycles through complementary
asset allocation; (3) A self-reinforcing growth cycle emerges through specialization-induced efficiency gains, market-
driven resource optimization ("invisible hand"), and profit reinvestment that elevates wages, employment, and public
welfare. This framework posits minimal state intervention, endogenous growth through capital-technology-labor
synergies, and a systemic "accumulation-efficiency-welfare" nexus as capitalism's foundational mechanics (Smith,
1776; Kaldor, 1961).

According to Pishghadam et al. (2023), cultural capital and emo-sensory quotient (ESQ) significantly predict
academic achievement in a comparative study of 317 Afghan and Iranian students, with contextual disparities
revealing higher cultural capital among Afghan students and greater economic capital/ESQ among Iranian
counterparts, highlighting contextualized capital dynamics in educational outcomes (Pishghadam, R., Meidani, E.,
Momenzadeh, S., Hasanzadeh, S., & Miri, M, 2023).

H;: Cultural capital positively affects parental support.
H?: Economic capital positively affects parental support.

Based on the literature review, the researcher of the related research hypothesized that all the stages of cultural
capital and economic capital were positively associated with students’ academic performances. Specifically, cultural
capital and economic capital are positively related to parental support.

Human Capital

In his seminal 1962 work, Gary S. Becker conceptualizes human capital as intangible assets formed through
strategic investments in education, experiential learning, and social competencies. The framework identifies three core
components: 1) Formal/institutional education coupled with self-directed learning that develops cognitive capacities
for problem-solving and technological adaptation; 2) Experience-derived tacit knowledge acquired through
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occupational engagement and practical task mastery; 3) Social skill acquisition encompassing interpersonal
communication, collaborative teamwork, and network-building abilities critical for organizational effectiveness.
Becker emphasizes the multiplicative returns generated when these dimensions synergistically interact, arguing that
their integrated development enhances individual productivity, organizational value creation, and long-term
socioeconomic outcomes in dynamic environments. The theory establishes human capital as a critical growth engine
through deliberate investment in knowledge systems, practical expertise, and relational capabilities.

Kutieshat and Farmanesh (2022) empirically testified through a quantitative study of 450 Jordanian education
employees that new human resource management practices significantly improve innovation performance during
COVID-19 via organizational innovation and innovative work behavior mediation, advocating policy reinforcement
for educational innovation (Kutieshat&Farmanesh, 2022).

Hjs: Human capital positively affects parental support.

Based on the literature review, the researcher of the related research hypothesized that all the stages of human
resource management were positively associated with educational innovation. Specifically, human capital is positively
related to parental support.

TAM

Technology Acceptance Model (TAM) (Davis, 1989) identifies perceived use (PU) and perceived ease of
use (PEOU) as dual determinants of IT adoption. PU reflects users' belief that technology enhances task performance,
directly predicting behavioral intention through efficiency and productivity gains. PEOU, defined as the perceived
effortlessness of system interaction, both directly shapes usage attitudes and indirectly influences intention by
mediating PU's effects. Crucially, empirical studies highlight PEOU's gatekeeper role: even highly useful systems face
rejection if perceived as complex, as technological utility is contingent on accessibility. These antecedents
hierarchically structure user attitudes, which drive adoption behaviors, emphasizing the necessity of optimizing
functional value (PU) and usability (PEOU) synergistically. The framework underscores PEOU's dual function as a
direct predictor and mediator, amplifying or constraining PU's impact on adoption outcomes (Davis, 1989; Venkatesh
& Davis, 2000).

The Ministry of Education of China, in concert with nine other departments, has promulgated the "Opinions
on Accelerating the Promotion of Education Digitization," with the objective of bolstering education digitalization to
underpin the creation of a robust education system. Rooted in the principles of moral education and talent cultivation,
the document advances education digitalization through multiple avenues, such as reinforcing the National Smart
Education Public Service Platform, spurring Al - assisted education reform, and magnifying the international reach of
digital education. It also outlines steps to enhance infrastructure, formulate standards, and bolster security and
organizational execution to realize equitable, high - quality, and lifelong learning. Importantly, digital platforms are
leveraged to disseminate high - quality educational resources widely, reducing disparities among urban, rural areas,
regions, and schools, and enabling broader access to quality education (Ministry of Education of the People's Republic
of China, 2025).

Gupta et al. (2021) extended the Technology Acceptance Model (TAM) to demonstrate that ICT based
teaching in engineering education significantly enhances student engagement, academic performance, and learning
satisfaction, based on empirical analysis of 300 students across programming courses, advocating for broader multi-
institutional and cross-cultural validation (Gupta et al, 2021).

Hy: TAM positively affects parental support.

Based on the literature review, the researcher of the related research hypothesized that all the stages of TAM
were positively associated with educational equality and students’ engagement. Specifically, TAM is positively related
to parental support.

Based on the literature review, the researcher of this paper developed the research framework and established
the research hypotheses as follows:
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Figure 1. Research conceptual framework

Cultural Capital

Economic Capital
Human Capital

}(_Economic Capital

Research Methodology

Population and Sample

This study focuses on Nanning City, Guangxi Zhuang Autonomous Region, People's Republic of China as
the research region. According to the statistics of Nanning People's Government network in 2022, Nanning is divided
into 7 municipal districts. This research is implemented in the scope of high school students and their families in this
region.

According to the "Notice on Basic Data of Nanning City for 2022-2023", the total of 57,000 high school
seniors in Nanning are listed. Therefore, this study is based on a sampling survey of 57,000 people and their families
in Nanning, Guangxi. And the sample size can be calculated based on Yamane formula (Yaman, 1973). And the
57,000 will be separated into two groups, namely: the high-income and the low-income. According to the 2023
Statistical Bulletin on National Economic and Social Development released by the National Bureau of Statistics, the
per capita disposable income of the high-income group is 95,055 yuan per year, which means that if a family's per
capita annual income exceeds this figure, the family can be categorized as a high-income one, translating into a
monthly per capita disposable income of approximately 7,921 yuan for high-income households. Meanwhile, the per
capita disposable income of the low-income group stands at 9,215 yuan annually, implying that a family with a per
capita annual income lower than this amount can be classified as a low-income family, with the average monthly
disposable income per capita for low-income families being roughly 769 yuan (National Bureau of Statistics, 2024).
After calculation, the sample of this paper is 397.21 each, and the researcher had sent over 1,000 questionnaires for
the two types of family. In order to randomize the samples, the street encounter strategy was used to group the samples
according to different family incomes, so that the ratio of high and low family income students reached 1:1.

Research Tools

The data was collected through an online questionnaire which was spread by social media in order to ensure
randomness and consisted of six parts. The first part collected information from general respondents, including
monthly family income, educational level, and occupation, while the second part collected parents’ views on the
impact of cultural capital on their children's knowledge acceptance. The third part, economic capital on children's
knowledge acceptance, the fourth part, human capital, and the fifth part, TAM and part six: Parental support.

The pre-test involved 40 respondents from both high and low-income families, and the internal consistency
of the questionnaire was tested using Cronbach's Alpha. According to Nunnally (1978), a reliability coefficient of 0.70
or higher is generally considered acceptable. The pre-test yielded a Cronbach's Alpha score of high-income family is
0.904, and low-income family, 0.925, indicating the high reliability of the research instrument for the actual data
collection process for both high and low-income family.

Research Tools Development

The general data analysis included variables such as monthly income, educational level, occupation, and the
levels of influence of cultural capital, economic capital, human capital and TAM on parental support.

The researcher collected Likert-scale data and analyze using descriptive statistics (mean, percentage, range,
SD). Assess normality through skewness (-3 to +3) and kurtosis (-7 to +7) following Kline's (2015) standard.

Structural Equation Modeling (SEM) was utilized to examine the effects of cultural capital, economic capital,
human capital, and the Technology Acceptance Model (TAM) on parental support, with hypothesis testing conducted
through a two-stage analytical process employing AMOS and SPSSAU software. And the two stages are as follows:
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Confirmatory Factor Analysis (CFA) validated measurement indicators through standardized factor loadings (>0.50
threshold) (Hair et al., 2010).

Structural model evaluation employed latent path analysis with fit criteria: y*/df <2, RMSEA <0.05, SRMR
<0.05, and CFI >0.90 (Schumacker & Lomax, 2010).

Statistical Techniques

An online questionnaire (via Wenjuanxing) targeting parents of high school students yielded 425 responses
from high-income families, with 406 retained after validity checks by the utilization of SPSS for deleting outliers.
Demographic distribution showed: Educational level: junior high school or below (n=9), high school (n=27), junior
college (n=52), undergraduate degree (n=290), and postgraduate (n=28). Monthly income: 5,001-6,000 yuan(n=65),
6,001-7,000 Yuan (n=92), and above 7,000 yuan (n=249). No respondents reported earnings<5,000 yuan.
Occupational distribution: unemployed (n=4), workers (n=18), government official (n=307), merchants (n=32),
teachers (n=36), and medical staff (n=9).

A total of 398 low-income questionnaires were collected through the same way as the foregoing mentioned.
And 381 valid questionnaires were retained after data cleaning by using SPSS for outlier elimination. Educational
composition comprised: junior high school or below (93), high school (191), junior college (65), undergraduate (31),
and postgraduate (1). Monthly income distribution showed: <3000 yuan (298),3001-4000 (30), 4001-5000 (10), 5001-
6000 (14), 6001-7000 (13), and >7000 yuan (16). Occupational categories included: unemployed (90), workers (210),
government official (30), merchants (22), teachers (26), and medical staff (3).

In terms of classification criteria, mean > 4.0 indicates "strongly agree", 3.5 < mean<4.0 indicates "agree",
and 3.0 < mean<3.5 indicates "neutral".

Table 1: The interpretation of high-income family

Factor S.D. Skewness Kurtosis Mean Interpretation
CC: Cultural Capital 0.63297 -0.357 1.101  3.7381 Agree
ECC: Embodied Cultural Capital 0.81492 -1.011 1.415  3.9745 Agree
ICC: Institutionalized Cultural Capital 0.70107 -0.159 0.204  3.5016 Agree
EC: Economic Capital 0.59527 -0.945 3.303  3.3302 Neutral
SE: Social Economy 0.79274 -0.013 -0.138  3.1174 Neutral
RM: Resource Management 0.64073 -0.648 1.299  3.4828 Agree
WC: Working Capital 0.74328 -0.497 0.780  3.3904 Neutral
HC: Human Capital 0.54697 -0.032 0.840 3.8684 Agree
Ed: Education 0.77439 -0.933 2.364  3.7463 Agree
Ex: Experience 0.68605 -1.555 5.160 4.4261  Strongly Agree
SK: Social Skills 0.54937 -0.678 0.981  3.4329 Agree
TAM: Technological Acceptance Model 0.54975 -0.731 2.336  3.5449 Agree
PU: Perceived Use 0.58855 -0.731 2.366  3.2937 Neutral
UA: User Acceptance 0.62962 -0.237 0.810  3.7783 Agree
PEOU: Perceived Ease of Use 0.64969 -0.836 3.801  3.5626 Agree
PS: Parental Support 0.56106 -0.752 2.061  3.9880 Agree
ES: Esteem Support 0.64339 -1.243 4363  4.0337 Agree
IS: Informational Support 0.69573 -1.286 3.860 4.1486 Agree
EmS: Emotional Support 0.68868 -1.068 6.118  4.2553  Strongly Agree
TS: Tangible Support 0.71066 -0.752 2.061  3.8202 Agree
GS: Guidance Support 0.53952 -1.387 4726  3.6823 Agree

Source: surveys and calculations

The analysis reveals a consensus among respondents, with factor ratings ranging from 3.1174
(Socioeconomic Status, SE) to 4.4265 (Experience, Ex) on a Likert scale. Notably, experiential capital (Ex:
M=4.4261) and emotional support systems (EmS: M=4.2553) emerged as predominant determinants for high-income
households, demonstrating their reliance on accumulated practical knowledge and affective resources. Conversely,
institutionalized cultural capital (ICC: M=3.5016) and economic capital (EC: M=3.3302) exhibited comparatively
lower valuation, suggesting these variables may demonstrate context-dependent efficacy or generate divergent
interpretations regarding their income-generating potential.
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Table 2: The Interpretation of Low-income Family

Factor S.D. Skewness Kurtosis Mean _ Interpretation
CC: Cultural Capital 0.84167 -0.596 0.657  3.3792 Neutral
ECC: Embodied Cultural Capital 1.05344 -0.580 -0.147  3.4584 Agree
ICC: Institutionalized Cultural Capital 0.80977 -0.303 0.700  3.2999 Neutral
EC: Economic Capital 0.83501 -0.127 0.258  3.1648 Neutral
SE: Social Economy 0.97857 0.129 -0.388  3.0639 Neutral
RM: Resource Management 0.88149 -0.377 0.426  3.3010 Neutral
WC: Working Capital 0.96944 -0.107 -0.162  3.1942 Neutral
HC: Human Capital 0.78847 -0.571 0.971  3.3792 Neutral
Ed: Education 1.01439 -0.602 0.161  3.4751 Agree
Ex: Experience 0.88149 -0.337 0.125  3.3010 Neutral
SK: Social Skills 0.81879 -0.323 0.760  3.3615 Neutral
TAM: Technological Acceptance Model 0.78019 -0.371 0.905  3.4591 Agree
PU: Perceived Use 0.85986 -0.257 0.682  3.3097 Neutral
UA: User Acceptance 0.79664 -0.582 1.029  3.6142 Agree
PEOU: Perceived Ease of Use 0.84907 -0.321 0413  3.4535 Agree
PS: Parental Support 0.81507 -0.825 1.341  3.7119 Agree
ES: Esteem Support 0.95500 -0.571 0.319  3.5766 Agree
IS: Informational Support 0.89231 -0.761 0.710  3.7647 Agree
EmS: Emotional Support 0.94000 -0.747 0.580  3.8023 Agree
TS: Tangible Support 0.94239 -0.871 0.832  3.8749 Agree
GS: Guidance Support 0.83080 0.676 1.372  3.5413 Agree

Source: surveys and calculations

The data of low-income families presented in Table 4-2, encompassing 21 observed factors across five
dimensions: cultural capital, economic capital, human capital, technology acceptance, and parental support. The data
were collected through questionnaire surveys and quantitative calculations, measured using a 5-point Likert scale.
Central tendency analysis revealed that factor means ranged from 3.06 to 3.87 (theoretical midpoint: 2.5). The highest
mean values were observed in tangible support (TS = 3.87), emotional support (EmS = 3.80), and informational
support (IS = 3.76), while the lowest means corresponded to social economy (SE = 3.06), economic capital (EC =
3.16), and working capital (WC = 3.19).

Based on the statistics form two types of families, high-income families show a high consensus (standard
deviation 0.54-0.81) and extreme positive attitudes (left skewed, peak distribution) towards cultural capital and social
support (such as emotional support EmS=4.26, experiential Ex=4.43), but a conservative evaluation of social
economic resources (SE=3.12); Low income families are more concerned about economic factors (such as economic
capital EC=3.16), but their evaluation of economic capital is neutral and their attitude differentiation is significant
(standard deviation 0.78-1.05). The data distribution is close to symmetry (skewness<0.6, kurtosis=0). The results
indicate that high-income groups are more inclined towards value identification of non-economic resources, while
low-income groups exhibit cognitive heterogeneity under economic constraints, highlighting the systematic impact of
socioeconomic status on resource perception and attitude consistency (based on the 5-point Likert scale, neutral
value=3).

Results and Discussion

Results of High and Low-income Family

The observed variables exhibit acceptable univariate normality, with skewness values ranging from -3 to+3
and kurtosis values ranging from -7 to+7, meeting the parameter estimation criteria in structural equation modeling
(Kline, 2015). The results of confirmatory factor analysis (CFA) confirmed the structural validity of the latent
variables, indicating that all measurement models have sufficient model fit indices (see Table 3&4). These
psychological measurement characteristics confirm the applicability of the data for subsequent structural analysis,
ensuring the robustness of parameter estimation in testing hypothesis relationships.
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Table 3. Structural Validity Test Results of Using CFA to Measure Latent Variables in High-income Family

x2df GFI RMSEA CFI TLI
standard <3 >0.9 <0.10 >0.9 >0.9
Result 2.628 0.938 0.063 0.970 0.956

Table 4. Structural Validity Test Results of Using CFA to Measure Latent Variables in Low-income Family

x2df GFI RMSEA CFI TLI
standard <3 >0.9 <0.10 >0.9 >0.9
Result 2.564 0.939 0.064 0.978 0.965

The structural equation modeling (SEM) analysis, validated through standard criteria (Tables 3-4), revealed
significant causal relationships between economic capital and parental support through path analysis, with factor
loadings and model outcomes detailed in Figures 2-3.

Figure 2. The Structural Equation Model of Factors Influenced by Economic Background on Parental Support of
High-income Family.

Figure 3. The Structural Equation Model of Factors Influenced by Economic Background on Parental Support of
Low-income Family.




Journal of Modern Management Science 18(2) (2025) pp. 8

Table 5: Factor Loading Value of High and Low-income Family
Coefficient Comparative Table

Factor High-income Low-Income
CCto PS 0.906 > 0.661
EC to PS -0.471 < 0.120
HC to PS NO 0.283
TAM to PS 0.509 NO
CCto ECC 0.744 > 0.588
CCto ICC 0.336 < 0.830
ECto SE 0.575 < 0.676
EC to RM 0.810 < 0.914
ECto WC 0.684 > 0.539
HC to Ed 0.766 < 0.910
HC to Ex 0.788 < 0.895
HC to SK 0.707 < 0.708
TAM to PU 0.872 > 0.786
TAM to UA 0.765 < 0.803
TAM to PEOU 0.862 = 0.862
PSto TS 0.752 < 0.867
PS to ES 0.869 > 0.763
PS to EmS 0.749 < 0.874
PS to IS 0.870 > 0.829
PS to GS 0.876 > 0.798

This study employs multi-group structural equation modeling (SEM) to reveal the moderating role of family
income levels in the mechanisms through which cultural capital (CC), economic capital (EC), human capital (HC),
and the technological acceptance model (TAM) influence parental support (PS). Key empirical findings demonstrate:
(1) The positive effect of cultural capital on parental support is significantly stronger in high-income families
(B=0.906) than in low-income families ($=0.661), with notably superior efficiency in converting CC to embodied
cultural capital (ECC) among high-income households (=0.744); (2) Economic capital exhibits income-specific
heterogeneity, showing a negative association with PS in high-income groups (=-0.471) versus a positive relationship
in low-income groups ($=0.120); (3) Human capital significantly affects PS only in low-income families (=0.283),
while demonstrating stronger educational investment effects (p=0.910) compared to high-income counterparts
(B=0.766); (4) The TAM-to-PS relationship is significant exclusively in high-income families (3=0.509), with superior
path coefficients for perceived use ($=0.872) and perceived ease of use (f=0.862) relative to low-income groups.
Further analysis reveals divergent support strategies: high-income families prioritize esteem support (f=0.869) and
informational support (3=0.870), whereas low-income families emphasize tangible support (f=0.867) and emotional
support (=0.874). These findings illuminate structural disparities in family resource endowments and support
strategies, providing novel theoretical insights into educational investment mechanisms through the lens of social
stratification.

In summary, the Structural Equation Modeling (SEM) analysis confirmed the differential impact of various
forms of capital and technology acceptance on parental support across different income groups. Both models
demonstrated an acceptable fit (High-income: CFI = 0.970; RMSEA = 0.063. Low-income: CFI = 0.978; RMSEA =
0.064), confirming structural validity.

For the high-income, the result showed as follows:

(1) Cultural capital had the strongest positive effect on parental support (3=0.906).

(2) Economic capital was negatively associated with parental support (B=—0.471), suggesting that economic
abundance may reduce perceived necessity for active involvement. The transformation of resource allocation
strategies, disparities in educational expectations and support approaches, the diminishing marginal returns of
economic capital, the growing prominence of social and cultural capital, as well as the combined effects of educational
competition and differentiation strategies, collectively contribute to a situation where high-income families tend to
convert their economic capital into other forms. This enables them to concentrate on offering non - economic support,
thereby weakening the role that economic capital plays in parental support.
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(3) Human capital did not show a significant effect, indicating limited influence of human resources in high-
income households.
(4) Technology Acceptance Model (TAM) also significantly influenced parental support (§=0.509).

For the low income, the result revealed as listed:

(1) Cultural capital had a moderate positive effect (3=0.661).

(2) Economic capital had a small but positive effect (3=0.120), highlighting financial resources as critical
in constrained environments.

(3) Human capital significantly impacted parental support (8=0.283), emphasizing the role of education,
experience, and skills.

(4) TAM did not show a significant effect, indicating limited influence of digital tools in lower-income
households.

Support types also varied:
(1) High-income parents emphasized esteem(B=0.869) and informational support(=0.870).
(2) Low-income parents prioritized tangible(f=0.867) and emotional support(f=0.874).

Discussion

Existing research reveals marked differences in family capital allocation and educational perceptions between
the high and low-income, which distinctly shape children's academic outcomes via divergent pathways. Here's a
concise yet detailed summary:

(1) Cultural capital: It exerts the most significant influence, especially in the high-income, where it strongly
predicts parental support and student achievement (Jin et al., 2022; Tan et al., 2023). The high-income are inclined to
adopt innovative educational methods and integrate technology. In contrast, the low-income, constrained by limited
technological access and cognitive resources, opt for traditional approaches and rely more on social capital utilization.

(2) Economic capital: A paradoxical stratification exists. The high-income plays down its direct educational
impact, while disadvantaged families are acutely aware of financial limitations as persistent barriers to education.

(3) Human capital: Perceptions differ markedly. The low-income stresses the efficacy of networking,
whereas the high-income focuses on self-directed learning strategies. These divergences mirror the underlying
structural inequalities in educational resource allocation and intergenerational capital transmission.

(4) TAM: The patterns of technology acceptance and usage among high-income and low-income families
that reveal significant disparities influenced by economic capital and access to technological resources. And the
differences are listed as follows:

(4.1) High-Income Families

- High Level of Technology Acceptance: The high-income demonstrates exceptional performance
across all dimensions of the Technology Acceptance Model (TAM). They achieve an average User Acceptance (UA)
score of 3.7783, signifying a strong inclination to utilize digital tools, such as online learning platforms. The average
Perceived Ease of Use (PEOU) score is 3.5626, reflecting a clear comprehension of the convenience offered by
technological tools. However, the average Perceived Usefulness (PU) score for technology is relatively conservative,
at 3.2937.

- Positive Technology Usage Behavior: High-income families often integrate online and offline
learning, employing technology as a supplement rather than a replacement. They are inclined to establish a “positive
cycle of technological capital” and utilize ample resources, such as purchasing educational software, to enhance
learning efficiency.

- Influencing Factors of Technology Acceptance: The technological acceptance of high-income
families is underpinned by their abundant economic resources. They not only have easy access to advanced
technological equipment but also provide a favorable environment for technological usage and guidance for their
children.

(4.2) Low-Income Families

- Low Level of Technology Acceptance: The average User Acceptance (UA) score of low-income
households is 3.6142, indicating a lower willingness to use digital tools. There is a relatively high degree of variation
in technology acceptance, and some families find it difficult to participate in technology-assisted learning due to the
lack of basic equipment such as computers.
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- Limited Use of Technology: Low-income families often restrict the use of technology to basic
communication functions and primarily rely on traditional channels to obtain educational resources, making it
challenging to fully utilize digital educational resources.

- Obstacles to Technology Acceptance: Low-income families face a dual deficiency in equipment
and skills, leading to the dilemma of “technological exclusion”. Their economic circumstances limit the acquisition
of technological equipment and the development of digital literacy, and they hold a neutral or skeptical attitude toward
the role of technology in education.

Contribution
Theoretical Contribution
This study provides empirical evidence for governments to formulate differentiated educational policies and
optimize resource allocation for both the high-income and the low-income:
(1) For High-income families, the approaches to enhance educational support effectiveness are listed as
follows:
- Advance digital transformation of cultural capital (e.g., virtual cultural resource repositories)
- Refine technology acceptance models (e.g., intelligent education platform development)
(2) For Low-income families, the measures that are able to effectively address structural constraints are
listed as follows:
- Strengthen economic capital compensation mechanisms (e.g., scholarship programs)
- Promote human capital development initiatives (e.g., vocational skill development programs)
- Improve the realization of technology acceptance.

Managerial Contribution

The results demonstrate the heterogeneity of family capital types and educational support strategies. Future
research should focus on the following aspects:

(1) Expand research into analyses of urban-rural gradient disparities.

(2) Construct dynamic panel models to track the interactive effects of digital technology iterations on
multidimensional capital.

This approach will provide a spatiotemporally adaptive theoretical framework for equitable education
policymaking.

Limitations and Future Research Directions
(1) The conclusions of this research are subject to the following limitations:
- The research is geographically constrained, relying solely on single - city sampling in Nanning.
- The cross-sectional design depends on self-reported measures, which may lead to social desirability
bias and prevent causal inference.
- There are omitted moderating variables, such as community resources and policy interventions.
- The validation of the Technology Acceptance Model (TAM) in resource-scarce settings is insufficient.
(2) Future research directions are proposed as follows:
- Prioritize multi-regional stratified sampling to assess urban-rural and cultural-economic variations.
- Adopt mixed-method approaches, including longitudinal data collection and qualitative interviews, to
explore the dynamic mechanisms in household education decisions.
- Integrate extended theoretical frameworks, such as the UTAUT, to enhance the predictive power in
digital adoption studies.
- Establish cross-cultural comparative paradigms to systematically investigate the interactions between
family capital and policy interventions, thereby advancing the theoretical universality across different contexts.
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Abstract

This study is experimental research conducted in the context of metal processing industrial business.
While SEO studies are widespread, there is still a lack of specific research in B2B industrial businesses in Thailand.
This study aims to analyze and compare the impact of different keyword types—Branded, Generic, Niche, Local
SEO, and Long Tail—on improving the search ranking of an industrial company offering cutting, bending, rolling,
and welding services. Key performance indicators measured include Clicks, Impressions, Click-Through Rate
(CTR), Average Search Position, and traffic quality tracked via Google Analytics. The study employed Ubersuggest
to analyze and classify 13 keywords based on search volume, SEO difficulty, and search intent. Performance
tracking was conducted using Google Search Console and Google Analytics.

Research findings indicate that Niche keywords such as "Steel fabrication factory" were the most
effective in driving quality traffic, achieving the highest CTR of 5.56% and a bounce rate of 0%. Long Tail
keywords showed significant ranking improvements—up to 95% within three months. In contrast, Branded
keywords, despite having the highest number of impressions, demonstrated lower CTRs and a declining trend.
<u>This research creates a B2B Industrial SEO framework and guidelines for improving SEO for industrial
businesses. The study results can be used as a guideline for developing effective SEO strategies for other
industrial businesses.

The study highlights the importance of keyword specificity and alignment with users' search intent as
critical factors influencing SEO effectiveness for B2B industrial businesses. Utilizing Niche and Long Tail keywords,
along with optimizing content to match user intent, is essential for enhancing visibility and engagement. The
findings of this study can be applied as a guideline for developing SEO strategies for other industrial businesses,
enabling them to prioritize keywords, plan content according to the Marketing Funnel, and allocate SEO

resources effectively.

Keywords: keyword analysis, SEO performance, industrial business websites, B2B marketing, search intent, SEO

funnel, google analytics
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il 1 B2B Marketing Funnel

B2B MARKETING FUNNEL

TOP OF THE FUNNEL
Grow a qualified audience by introducing your expertise
and your perspective.

MIDDLE OF THE FUNNEL
Build a relationship with prospective customers with deep dive
content that introduces your offering at key points.

CONSIDERATION

BOTTOM OF THE FUNNEL
Convert leads into customers with targeted info on your offering.

w Earn customer loyalty with targeted info on your offering.
ADRIENNE SMITH

s Smith A. (2021). The content to use at each B2B marketing funnel stage.
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Abstract

In an era where technology plays a crucial role in daily life and smartphone products face intense
competition, the phenomenon of "brand tribalism" has become increasingly significant. Smartphone brands
have created emotional bonds with consumers, serving as a medium through which consumers express their
identity, lifestyle, and social status. This study therefore analyzes the first-order and second-order confirmatory
factor components of brand tribalism using empirical data from consumers of a premium smartphone brands
in Thailand. Data collection was conducted through online questionnaires from a total sample of 600
respondents, using purposive sampling targeting individuals with experience using and expressing preference for
the products. The results of the first-order confirmatory factor analysis measurement model for brand tribalism
revealed that the variables of shared values and beliefs, community participation, brand advocacy, and
behavioral engagement all demonstrated standardized regression coefficients (B) ranging from 0.591 to 0.938,
indicating the indicators' strong ability to reflect the latent variables effectively. The internal reliability and
content validity were deemed complete, confirming that the measurement instrument possessed sufficient
statistical quality for analyzing relationships between latent variables.

The second-order confirmatory factor analysis revealed that the brand tribalism model comprising four
variables showed positive factor loadings across all values, ranging from 0.783 to 0.975. Shared values and
beliefs exhibited the highest loading, followed by community participation, brand advocacy, and behavioral
engagement, explaining 61.30% to 95.10% of the variance. Model fit testing demonstrated that all values met
the established criteria. The study findings confirm that the brand tribalism model demonstrates a good fit with
empirical data and can be effectively measured through all four components, with shared values and beliefs

having the greatest impact on brand tribalism. This strong influence occurs because the shared values they
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embrace-innovation, quality, and social identity expression-align with the symbolic values that the brand
communicates. The resulting model provides valuable insights for marketers in developing approaches to build
brand tribal communities and designing strategies to create and maintain long-term brand-loyal customer

groups.

Keywords: Brand tribalism, Confirmatory Factor Analysis (CFA), Smartphone, Premium Brand, Brand Loyalty
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Abstract

The Al chatbot, a cutting-edge technology powered by artificial intelligence, is transforming the aviation
industry. Understanding what drives consumers to adopt chatbots is essential to realize their potential benefits,
including boosting revenue and increasing customer lifetime value. Moreover, chatbot adoption has practical
implications for marketing strategies tailored to distinct user segments. This study aims to develop an effective model
for forecasting Al chatbot adoption. To achieve this, several machine learning techniques were evaluated, with the
Random Forest algorithm demonstrating the highest predictive performance and thus selected as the final model. The
findings reveal that perceived personalization, perceived usefulness, and perceived ease of use are key predictors of
adoption. By examining consumers’ decision-making routes toward Al chatbot adoption in aviation, this study
increases the granularity of our understanding of the customer journey—a journey that culminates in ticket purchases
and enhanced overall satisfaction, which in turn foster greater engagement. These insights can help aviation businesses
design marketing strategies that emphasize personalization, thereby encouraging stronger user engagement across
their websites.

Keywords: technology acceptance model, machine learning, artificial intelligence, chatbot, aviation

Introduction

In the two decades prior to 2010, the expansion of online business transformed the global landscape, driving
rapid advances in digital integration and enabling seamless interactions between businesses and customers. Following
this transformation, and particularly since 2022, generative artificial intelligence (AI) has emerged as a key driver of
innovation, with applications already embedded in the aviation socio-technical ecosystem and expected to expand
further (Ziakkas & Pechlivanis, 2023). One such application, the chatbot, has become increasingly important in airline
customer service. Designed to simulate human conversation through text or voice, chatbots enable passengers to
interact naturally with digital systems and are widely used for customer service, information retrieval, and transaction
processing (Ozuem et al., 2025). They also support pre-flight assistance, handle inquiries, and facilitate bookings,
ultimately enhancing the customer journey (Garcia et al., 2024).

Chatbots have also become central tools for airlines as they navigate intense industry competition and rising
customer expectations. Despite the absence of physical stores, the airline industry remains highly competitive, and
airlines increasingly rely on machine learning and Al chatbots across the customer journey (Mishra et al., 2025). From
flight search and fare comparison to booking, chatbots provide tailored solutions, such as dynamic pricing. Meanwhile,
their post-purchase functions—including product bundling, customer lifetime value prediction, and customer
segmentation—strengthen airlines’ competitiveness and operational efficiency (Teichert et al., 2008). These
advantages translate into measurable business outcomes for airlines, particularly in reducing costs, enhancing
customer satisfaction, and driving marketing impact.
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Research Objective

Against this backdrop, the present study pursues three main objectives. First, to better understand Al chatbot
adoption, it extends the Technology Acceptance Model (TAM) by incorporating additional constructs relevant to
chatbot adoption, including trust, perceived personalization, and social influence. Second, it develops a consumer
decision model for forecasting Al chatbot adoption, with a particular focus on consumers’ use of chatbots for
information search and personalized ticket assistance. Third, it enhances the predictive power of this model by
systematically refining the model’s parameters and validating the refined model on a dedicated testing dataset. This
approach enables a rigorous assessment of the model’s performance and ensures that the final model can accurately
forecast Al chatbot adoption in real-world applications.

The remainder of the article is structured as follows. The next section reviews TAM and the factors relevant
to consumer adoption of Al chatbots. Thereafter, the article presents research methodology. Finally, the article
discusses the results, contributions, limitations, and directions for future research.

Literature Review

The Technology Acceptance Model (TAM) is one of the most respected frameworks for explaining user
adoption of new technologies. It consists of two key technological characteristics: perceived usefulness and perceived
ease of use (Davis et al., 1989). Perceived usefulness is defined as the degree to which a user believes that adopting a
technology will improve their job performance, while perceived ease of use refers to the extent to which a user believes
that adopting a technology will be effortless.

Research in hospitality and tourism confirms that the technological characteristics of Al-based chatbots—
such as information quality and interaction quality—shape customers’ adoption intentions (Pillai & Sivathanu, 2020).
Specifically, system-related qualities like information quality strengthen perceived usefulness, while interaction
quality enhances perceived ease of use (Khroufet al., 2025). In the context of aviation, perceived usefulness has been
shown to significantly influence passengers’ behavioral intention to use chatbots (Alotaibi & Hidayat-ur-Rehman,
2025; Hidayat-ur-Rehman, 2025). However, the original TAM focuses largely on users’ cognitive evaluations and
does not fully account for socio-emotional, experiential, or interpersonal factors that play a crucial role in Al-driven
conversational interactions. Al chatbots operate as interactive agents rather than static information systems. In other
words, additional determinants—such as users’ trust, personalization experiences, and social influences—are essential
to explaining acceptance but fall outside TAM’s core constructs. Therefore, extending the model is necessary to align
TAM with the nature of Al-based conversational technologies. To address these theoretical gaps and build a more
comprehensive framework, this study incorporates additional constructs—including trust (Pavlou, 2003), perceived
personalization (Niu, et al., 2025), and social influence (Venkatesh et al., 2003)—into the Al chatbot adoption model.

Figure 1. Research Framework for Describing AI Chatbot Adoption
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Trust

Trust is a critical element in technology acceptance and is essential when sensitive personal information is
shared online, as it reduces uncertainty and assures users that service providers will not engage in undesirable
behaviors (Pavlou, 2003). As such, trust has been strongly linked to chatbot usage intention and user experience (Miraz
etal., 2024). Users’ faith in a chatbot’s ability to communicate information accurately and effectively is largely shaped
by the efficacy of communication; thus, when interactions are clear, customers are more willing to use Al chatbots.
Moreover, familiarity with generative Al further enhances perceived trust in Al-assisted travel planning, which
subsequently increases intention to use (Topsakal, 2025). Notably, prior research highlights an interesting paradox in
chatbot interactions. Both technology anxiety and the need for human interaction significantly increase perceived
“creepiness” of chatbots. However, perceived creepiness can have a positive effect on customer satisfaction, which in
turn mediates the relationship between perceived creepiness and customer loyalty (Lacap et al., 2025).

Perceived Personalization

Personalization has been widely studied across fields such as psychology, information systems, and
marketing. It refers to the process of changing the functionality, interface, information access, content, or
distinctiveness of a technology to increase its personal relevance for an individual or group of individuals (Fan &
Poole, 2003). Perceived personalization provides several benefits: it makes technology easier to use, more
understandable, and more natural, while reducing the time and effort required to search for information (Garcia et al.,
2024). Even if consumers react negatively to personalized advertising, perceived personalization is associated with
reduced advertising avoidance (Nyheim et al., 2015). Advances in automation technologies like Al have further
expanded personalization opportunities by enabling large-scale data collection and pattern recognition for improved
matching. In the context of chatbot use, personalization is positively associated with customers’ continuance intention
(Zhang, 2023). In addition, anthropomorphic chatbots enhance perceived product personalization and increase
willingness to pay, particularly among lonely consumers (Sidlauskiene, et al., 2023).

Social Influence

Social influence theory has been described as a core determinant of human behavior, persuasion, and digital
transformation. Social influence refers to the extent to which an individual’s thoughts, feelings, attitudes, or behaviors
result from interaction with another person or a group (Rashotte, 2007). In adoption technology, it reflects the degree
to which individuals perceive that important others believe they should use a new system, with this perception
influencing their adoption decision (Venkatesh et al., 2003). Social influence has been demonstrated to significantly
shape positive brand attitudes and increase purchase intention (Kbaier, et al., 2025).

Research Methodology

Population and Sample

The target population consisted of Thai travelers who had prior experience in air travel, had previously
booked airline tickets online, had taken flights, and acted as decision-makers in the use of technology. The survey was
distributed through travel-related social media platforms to reach potential respondents who met these criteria.

After the data cleaning process, which involved the removal of two incomplete responses, a total of 248 valid
questionnaires were retained for analysis. The sample reflected an equal gender distribution, with participants aged
between 21 and 36 years (M = 27.97, SD = 2.51). On average, respondents reported 10.4 years of internet use.
Following the descriptive analysis of participant characteristics, the next step involved preparing the target variable
for classification. The split was determined based on the median value of the intention rating scale (Overall, I intend
to use the Al chatbot”). Participants who scored above the median were classified as high-intention, and those who
scored below it were classified as low-intention. The dataset was then categorized into two class labels—high-
intention (56.9%) and low-intention (43.1%)—reflecting a reasonably balanced distribution suitable for machine-
learning classification. The descriptive distribution of respondents is presented in Table 1.
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Table 1: The Descriptive Distribution of Respondents

Gender Frequency Percentage
Male 124 50.0
Female 124 50.0
Age (year)

21-25 82 33.1
26-30 85 343
31-36 81 32.6
Intention to Use AI Chatbot

High-Intention Group 141 56.9
Low-Intention Group 107 43.1

The measurement model consisted of 15 indicators across five constructs (Perceived Usefulness, Perceived
Ease of Use, Trust, Perceived Personalization, and Social Influence), along with three control variables—gender, age,
and internet experience. Following the sample-size guideline proposed by Hair et al. (2019), which recommends
approximately 5-10 respondents per observed variable, the minimum required sample size ranges from 90 to 180
cases based on 18 observed variables. With 248 valid responses retained for analysis, the sample size exceeds the
conservative upper bound of this recommendation and is therefore considered sufficient for reliable machine learning
analysis.

Research Tools

The data collection instrument used in this study was a web-based questionnaire developed and administered
through Google Forms. This platform was selected for its accessibility and ability to facilitate efficient online data
collection from participants across different locations.

Research Tools Development

To ensure that respondents had a clear understanding of the study’s context, the questionnaire began with an
introduction to Al chatbots in aviation. These chatbots were described as automated virtual assistants that support
services such as flight bookings, customer support, check-in assistance, baggage tracking, and real-time flight status
updates. By leveraging Al technology, these systems provide personalized services, thereby enhancing operational
efficiency and improving passenger experience.

The study focused specifically on the process of purchasing airline tickets, from searching for flights to
completing transactions, as this phase represents a critical stage in customer decision-making and a primary source of
airline revenue. The questionnaire items were designed within this context to capture travelers’ attitudes and
behavioral intentions toward Al chatbot adoption.

Statistical Techniques

To develop an Al chatbot adoption model, Python 3.13.7 was used as the primary analytical tool. The data
analysis followed five main phases: Data partitioning, Modeling, Evaluation, Cross-validation, and Result
interpretation. The dataset of 248 valid cases was partitioned into training and testing sets, with 80% (198 responses)
used for training the model and 20% (50 responses) reserved for testing. In the modeling phase, eight machine learning
algorithms were employed to construct predictive models: logistic regression, decision tree, multilayer perceptron, K-
nearest neighbors (KNN), random forest, eXtreme gradient boosting (XGBoost), Light Gradient Boosting Machine
(LightGBM), and gradient boosting. Using multiple algorithms enabled a comparative assessment of predictive
performance. Model evaluation was primarily based on the area under the ROC curve (AUC), supplemented by
additional metrics including F1-score, accuracy, precision, and recall. To ensure the reliability and generalizability of
the models, five-fold cross-validation was conducted on the training dataset before final model evaluation, and ROC
(Receiver Operating Characteristic) curve analysis was performed to assess the discriminative capability of the final
selected model.
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Results and Discussion

An initial predictive model was developed using eight algorithms: logistic regression, decision tree,
multilayer perceptron, K-nearest neighbors (KNN), random forest, eXtreme gradient boosting (XGBoost), Light
Gradient Boosting Machine (LightGBM), and gradient boosting. Among these, the random forest model achieved the
highest AUC (area under the ROC curve) on the testing dataset, with a value of 0.941 (Table 2).

Subsequently, five-fold cross-validation was conducted on the training dataset, producing five testing rounds.
The random forest model achieved an average AUC of 0.856 across these rounds. To further improve performance,
parameter tuning was performed to identify the optimal configuration. The parameters considered included the number
of estimators (10, 20, 30, 40, 50, 60, 70, 100), maximum depth (3, 5, 7, 9), minimum samples split (2, 3, 4, 5), and
minimum samples leaf (1, 2, 3, 4, 5).

Next, GridSearchCV was employed to systematically evaluate all possible parameter combinations, resulting
in 640 distinct configurations (8 x 4 x 4 x 5). The optimal configuration was determined to be 30 estimators, a
maximum depth of 7, a minimum samples split of 2, and a minimum samples leaf of 3. This model achieved an average
cross-validation AUC of 0.886. Consequently, the optimized random forest was selected as the final model,
demonstrating an AUC of 0.986 on the training data and 0.949 on the testing data (Table 3).

Table 2: Results of Initial Model Comparison for Al Chatbot Adoption Prediction

Algorithm AUC F1-Score Accuracy Precision Recall
Random Forest 0.941 0.860 0.870 0.851 0.875
Logistic Regression 0.934 0.823 0.833 0.816 0.847
Gradient Boosting 0.934 0.860 0.870 0.851 0.875
LightGBM 0.932 0.841 0.852 0.832 0.861
XGBoost 0.924 0.823 0.833 0.816 0.847
Multilayer Perceptron 0.889 0.742 0.778 0.752 0.736
Decision Tree 0.750 0.727 0.741 0.725 0.750
K-Nearest Neighbors 0.746 0.661 0.722 0.686 0.653

Table 3: Results of Final Model for Al Chatbot Adoption Prediction

Algorithm AUC F1-Score Accuracy Precision Recall
Random Forest 0.949 0.944 0.926 0.944 0.944

To further assess how well the model distinguishes between the two classes, ROC curves were generated for
both the training and testing datasets using the predicted probabilities. The ROC (Figure 2) curve illustrates the trade-
off between the true positive rate and false positive rate across different thresholds, with curves closer to the upper-
left corner indicating stronger discriminative performance. Consistent with the AUC values of 0.986 for the training
data and 0.949 for the testing data, both ROC curves showed a strong upward trend, visually confirming that the
optimized model demonstrates high predictive accuracy with minimal overfitting.

The feature importance analysis, conducted using the random forest model with its optimal configuration on
the training dataset, identified perceived personalization, perceived usefulness, perceived ease of use, trust in service
provider, and social influence as the most important features. The values of all features related to chatbot acceptance
are presented in Figure 3.

The rationale for perceived personalization becoming more important than perceived usefulness and
perceived ease of use is that it offers emotional, psychological, and relational value beyond basic functionality. In
contexts where users expect conversational intelligence, this added value strengthens emotional connection and
increases engagement. These findings extend the TAM framework by suggesting that personalization functions as an
additional determinant of user engagement, highlighting the need for practitioners to incorporate adaptive and
personalized interaction strategies to foster long-term adoption and continued use. Furthermore, trust in the service
provider and social influence play an important role in shaping chatbot acceptance. Within a collectivist cultural
context such as Thailand, users place considerable weight on opinions and recommendations from peers, which further
amplifies their intention to adopt and engage with personalized chatbot services.
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Figure 2. Receiver Operating Characteristic Curves for the Optimized Random Forest Model
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Figure 3. Importance Features in a User’s Adoption of Al Chatbot in Aviation

I 0.295

Perceived Personalization

I 0.218

Percieved Usefulness

Perceived Ease of Use
Trust in Service Provider
Social Influence

Internet Experience

Age

Gender

. 0.128
I 0.098
I 0.097
I 0.072
I 0.073

I 0.019



Journal of Modern Management Science 18(2) (2025) pp. 52

Contribution

Theoretical Contribution

When the Technology Acceptance Model (TAM) was applied to this study’s dataset on Al chatbot adoption,
The results reinforce TAM’s applicability to Al-driven technologies and provide a foundation for identifying the key
determinants of chatbot adoption in aviation. Grounded in this validation, the findings indicate that perceived
personalization, perceived usefulness, and perceived ease of use are the three most crucial determinants of behavioral
intention. Personalization plays an important role in the ticket-search stage, where travelers must evaluate complex
factors such as airline, price, destination, and travel dates. Providing tailored responses at this stage supports decision-
making and enhances user confidence

Consistent with prior research, perceived usefulness and perceived ease of use remain central drivers of
adoption. However, trust in service providers is also essential, as passengers balance the sophistication of Al chatbots
with potential concerns about “creepiness” and ethics. In addition, social influence plays a significant role. In
Thailand’s collectivist culture, individuals often rely on the opinions of others when making decisions. This reliance
facilitates higher adoption rates and leads to positive post-adoption behaviors, including purchase intention,
satisfaction, and repurchase.

Managerial Contribution

This study, which applied data-mining techniques, highlights both theoretical implications and managerial
implications. Shifting the focus to practical contributions, the findings suggest that airlines should design real-time
strategies that are closely aligned with users’ behavioral patterns, with personalization emerging as a key approach.
For instance, dwell time can serve as an indicator of purchase intent. Travelers who show longer dwell times during
the search process are more likely to complete bookings, and offering targeted discounts may increase conversions.
In contrast, users with shorter dwell times may not require retargeting, thereby reducing unnecessary marketing costs.

More broadly, by addressing user needs—such as personalization during ticket searches, clear and reliable
information, and ease of interaction—AlI chatbots can play a strategic role in increasing customers’ willingness to
adopt the technology. This, in turn, can generate higher revenue while fostering customer retention and loyalty in the
long run. Conversely, a failure to adopt innovation-driven strategies that leverage user data and dynamic expectations
could diminish airlines’ competitive advantage in the international market.

Limitations and Future Research Directions

Although this study proposed applications of the Technology Acceptance Model (TAM) in Al chatbot
adoption, the essential question of which Al technologies truly drive consumer adoption remains under debate. This
issue requires examination from multiple perspectives. Based on the findings, two key directions for future research
can be identified.

First, while this study employed machine learning—based predictive models, future research could apply other
statistical techniques such as Structural Equation Modeling (SEM) and regression analysis. These approaches could
validate relationships among constructs more rigorously and test complex interaction and mediating effects. For
example, SEM could be used to evaluate whether perceived usefulness mediates the effect of anthropomorphism on
user adoption. Furthermore, SEM with multigroup comparisons could allow researchers to explore Al chatbot
adoption across different cultural contexts. For instance, Thai users may differ significantly from users in the US or
UK in terms of individualism, collectivism, and social influence. Measuring and comparing such cultural variations
could yield valuable insights, as they may shape attitudes toward Al chatbots in culture-specific ways.

Second, characteristics of technology-related variables should be incorporated to address existing research
gaps. For instance, anthropomorphism—the extent to which Al chatbots are perceived as human-like—may strongly
influence user trust and acceptance in Al contexts. Exploring such psychological and social variables could provide
deeper insights into adoption behavior and extend the explanatory power of TAM in Al research.
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Abstract

This study investigates the relationship between the sustainable index and the effective income tax
rate of companies listed on the Stock Exchange of Thailand. The analysis employs data from 547 companies
observed over the period 2019-2023, yielding 2,343 firm-year observations, utilizing descriptive statistics and

multiple regression analysis.
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The empirical results reveal that the sustainable index exhibits a statistically significant positive
association with the effective tax rate at the 0.10 level. The estimated multiple regression coefficient is 0.035,
with an adjusted coefficient of determination of 0.0269. These findings suggest that firms listed on the Stock
Exchange of Thailand that engage in sustainable business practices—incorporating environmental, social, and
governance (ESG) considerations—demonstrate stricter compliance with tax regulations, thereby enhancing

their capacity to meet tax obligations.
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manmsdudundn lnedshifanuidenldnvidiuddu Wudulsdase (Independent Variables) Tun1seSureaiudiu

q
o

wl39098n5 1N ERULANLR39 pg1etnlan B0 Ssvinnuidentdsiederudstiuvedlng (Thailand Sustainability
Investment: THSI) Fadudviidinaudduidunisensulunainnulng widugudeyandnlunisdnviiioazsiou

MWanwaINLISwesUsEnaanedoululsemelng

|
Y o

Aty Uselunguavtinudduiaduuliniagianangfinssunan8nlusdanas naniaeanis1auwnun

q

1%

30 FangAnssudinainninazaieusenuluguves 8ns118RulATILYIAS (Effective Tax Rate: ETR) figaninile

Wisuisuiuudninly Yssinudnaniaiunglandmsidesesieidiuddulimuduiusodnlsiudnsn@tula

q

w95 wasUsTnannzlsululsemnelne

o

NQUIEAIANITIY
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Wi BANIANLFUNUSSEUINR ¥ TRUg B U U NERULANLY 93990 9US BN el e ulunaInnd nnS we wig

q

Uszwmelne

N1INUNIUITIUNTTUNAITD
Usgnaumenguiiuny wuiAnnisiiuguaiants aAnuanunsalun1sident® assunssuimfgiiuni8tuld

[

fyana MINauRunBuarn1suaniaesnd il
wqwﬁﬁmmu (Agency Theory)
aATeild nguiiunu (Agency Theory) lunsoukuIBandnlunisesuisauduiusssuinaduinuddu

fusnanBiuldiuinswesismaansfoulunaavdnnindwissemalng Tnonguidunueduisauduiug

sewinefevu (Principal) wazgums (Agent) Fseaiinauszlomiliaenndosiunazilugtymnisidudumy

(Agency Problem) 1y n13719ukun B33 anisinaulediid edseTovdnofuimaninningfewu (Jensen &

Meckling, 1976; Kim & Verrecchia, 2001) Tuﬁummﬁjué’ﬁu u%ﬁwﬁﬁmmgm ESG qaﬁﬂﬁmiﬁwﬁuauaﬁamsﬁ

Wuuds 1y msfiaaugnssumsdasy ssuumuauneluilusda uaznslamedeyadunidessazifen Jeauan

Anuliaunnsvesdeya (Information Asymmetry) seninaguinmnsuasiienu dwalinsdnduladunigiaiy

SuRnvoumnduuazanussgilaluntamanifieans (Eccles et al, 2014)

o
[ a

Aedu noudunuannsaldlunsiamaunfignuidedn e £SG gelluuiluunagddnsnSduldn

a '

wiasegendn Wesnnnalnnismduguaniivseansnmersandymdunuuazdaasunmauiinung sedeundedin

wingauluusungsialne
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wwAaNIIAAUgUaRaNnTg

nsiifuguatansidusyavsamanansaantyvarudaudsseninsdfiovu (Principal) wazgu3ms (Agent)
iunalnidaasueulussawarauuinueu Wy UNUIYBIRMLNTINNNIATINEEU (Audit Committee) n13AIMUA
ARDULNUAINNAIIY (Performance-based Compensation) kaznsnsnaeutnydlasgaeutydneueniiiudasy
(External Audit) F9398a$ 19 esiuiimsandunuvesesdnsiduluiiteUsslowigegauesdosiu (Jensen &
Meckling, 1976; Shleifer & Vishny, 1997) YU1ALALDIAUTENOUVBIAMEATIUNITHRNARDAIIIANITAE LAULanIe
AznsIuNsITIRaeuiifianududassuazidervgdunistuaunsaannisdanisilsuasifinanalusdalunis

Aaa

»529@UUYY (Chaichuen et al.,, 2022) ‘uaﬂmﬂu Wongkor & Wannasathit (2022) W‘U’mmimﬂucﬂLLa‘wﬂuNamami
NauHuNBuazNansiiunuvesuIEvlungs SET100 vzl Sopa & Sincharoonsak (2021) ﬁudﬂﬂiaaﬁwaaanu
wazMINaNUNBiRaden simuauleueRulunavesuTevlunain MAI 61U Mitroulia et al. (2025) Ansvideya
PNVNBUsTIMARAEIUT ESG strategy Tnasongfinssunisidund neuiswdisl £SG qqﬁLLmIﬁwﬁm?mm@ﬁaaaq
Yquzfl Duong & Huang (2022) Anwnusevluandeuuwaznuin ESG activities Hnasolasasimu MsvanasIS uaz
UAAIUTEN Wan15AN®Ives Elamer & Boulhaga (2024) ’Luqiiﬂé’a%dw ESG ratings @111508ANANIZNULTIAUUDINIT
wanidpandreyaruTnle wag Zhang & Yuan (2025) Wuin ESG performance figstasannisnausunSidagnly
Ui lngsvuumuauaigludiunumieasy
wwIRaiEfuANEInsalunsden®

'
o v a a

ALEInIatunadentd ves Allan (1971) WuwnAnddyfiesuneinnisznBnisnszaenumuainse
Tun1s9svesusiazyananionsdns tnsfiorsanainsiols niwdau uaznisuilan welmAnnudusssunas
UszAnsamlussuun® wundadazieufsanudniuividnaansdoumsuidinunseadesan wzauiie
atfuayumuiunsaasygiauasdeny Tnsnuideluefnldlisns me8Ruliiuvioss Wufunuwosmiuaansaly
n51denS uAdeTiumuin SasanSiurads (Effective Tax Rate) vosuievlungy SET 100 faadurinisns
mEnuiiestise SeazvioudmgAnssunisnauidsaniulddfiyana (Mahawong & Pajongwong, 2019) ¥
Tang-an (2022) M3NUHUNEATUSEANE M wanansafiuyariAansvesuTnls udfienaadianuidssfiuaiy
TUsdlauaraandusssun1ani® d1u Elamer & Boulhaga (2024) Wuan ESG ratings funumddglunisannansznu
\Faavresnsvanidssndsioyaruisluglsy da Zhang & Yuan (2025) AnwuFemdusaznuin ESG performance
figedisannginssunsnausun@idegn Tnssvuumuauaeluiduuddinaaduanuduiudinan uas Huseynov
& Klamm (2012) @nwaruduiussznitanuiuinvoudedsauesgsfa uarnsuimsdanmn® lnswuiwionid
n1saduauay CSR luunedli Wi n1smiduguaianis (Corporate Governance) warANusuinveaudodiay &
wnliuflasdinginssunisdem s dauntu

Isaunsuiitientas

ATeInunldldnmsienssinnudiusiiefnuanudenleszrinamssuiunuduanuddui
HARNENNTRULAEANE 19U Zhou, Liu, & Luo (2022) wudn nansandunudiu ESG danuduiusidauiniuyas
na1nveausem Tnedliituimsamuluiudsiuanunsoad maneuunuszereild Pongsatipat et al. (2025) Antw

Ustvlulszmelneuasnuinlassasnenistieviusasnansanlivenusinu ESG danuduiusiunginssunsnaununid
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Y93UTTMUAT Rudyanto & Pirzada (2020) euinmsiliamedeyasuanudButisannissudidsavvesforiusie
nMsvEndesns

TuduveanisiinszinisannegldiilenageuauduiusiGeavnuas Ianansznuves ESG donnSuazsa
U5zneunIs 19U Passas (2024) aunensiudsusiuain CSR g ESG 2.0 Tasldnsiiasesidsusianiioudui
Uitifiaguun £SG geiwnTiuufoimunguunea@innnin drinaudayd PricewaterhouseCoopers (2025) 14
Anrginsannosiitafinuanuidenlesszninmmesmusiaulusdansndiuanuanmnselunisuteiu wui
UInifinisseauiunSesndsduiianudsainudeidsssini Bani-Khaled et al.(2025) wuintlade ESG dnase

warusEuaznginssun1sidents lngldnsinseinisannesnyan (Multiple Regression) 1iveguguauduiug

Y

a

Bauan Tag Allan (1971) aduauuiinisiaiiuadaisiiansanmudnenmuesidenis Geeenndesiuwwifninuitm

afiugsiaegedsdudannuainsawasanudulalunsufofnunisunnn i

=b

ANSAVUARLNUVDIALUTIUIBLELITINAN

v

v wlsluanuise unede 35nsvseasealiaNldlunisinaduusiuiusssy seldauisainle

'
=

Ingnsa Wisliaunsaivdeyadalsunamvsadnauninlalunuidy dunuesulsssdibinansaihdeya

'
d v [ 5

Wendesiuiwdsiaulaunldlunsieseiiagianunasnslunuidels Inedinuaudandanuduiusiudwdsi

Wiase fesienisinuaziintiedeya Anui@etieuarauduiusnimgul] videilldfmuadiunuvesinysaiide

v
@

91
A153ARLUTANY
A5IRA UV UITeT TR ERuUla w939 (Effective Tax Rate) Awaniannanbgaten dkdulanig
aqerls (vianu) neuA1ldd1ea18 (Phomkul, 2021) Tnealdaren18iiuldvesnntagiuidudd iangd
a a A v A U U Ay oA ' o w a Aa
AFTUNITUINITAIWYIYDIUITUN ‘Na’uﬂiaL%@JJI‘ENIG]EJG]NﬂUWUw/juENEJu (THSI) Whunaln ESG HAENITANNUAWANINITNA
AdendlulagdrsUssinaatiuayuinuTenninnnsgu ESG aaluuilduiaziidnsn181unaseaindt uasnaulaes
MEUDYAT ANEINTOLUNNTIENEINNDRTIAENWND39 (Effective Tax Rate) Snuunendnedisuiuselauway

AnuadauelunsIens

o s

NN5I9AILUSDESE

1Y o

il ugaEy vuneds vsenaanzideulunaiandnnsnduisdsemalnenlasunisussdunazlavsenielu

o o

s1etenudadu (THS) Tuwsazl FedoinduuSeniiinisiduakananisnanuLLIAnALEEY
9 Y

n3indulsAtuAY

= o [

faiuusdug AdiAsTesRUAMENIINNTUS LAz ALdUNUS AU SR TN BRULATIUNRSS Hasldninase

ANUFELNUSVRIALUTDAS T AT MUY Fall

a

1. dnsmanauunuieduningsau (Retum on Asset - ROA) u3Ewidinnlsge (High ROA) A duvuuay

ANNANNTAUNTILEUANERFUdeulduINndn Iieann v BateEsgnNgIie Al MnliAluANAIe ROA Ha

@

Weinwuiuddudanuduiusivnsdenddesas snadunszividnmatuduuidnidilgeeguds waglily

Ly

ST ADUY ﬁ:ué"dﬁu 1Aum53 (Desai & Dharmapala, 2009) @oaAd84AU Lanis & Richardson (2012) WUl useMaa

Frugnsiudumsazlifianinagnsnisndnidenis uaz Gao & Zhang (2021) sreauAgatuusevlunaniinluid
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o v o

ANMARBIES AllsEaunNsidunidasnnaenungviie wenanddiaenadesiu Varoonchotikul (2021) U3ENan

nzilsululszmalnendaninaaesd dauaunsalunsidensmudutaziunlibdesndssa
2. @n1MAABIYRIAINIT (Firm’s Liquidation - FILI) inasengfnssunisiduniduaznisnauidesnis oy
Us¥nndanmaaesgaindinnvaiunsalun1sdnnisnsen18laaau wasdiuwilduiaed dnsnn18Rulanuviass (ETR)

Tsdlaunnidi vaeusenindianimaaewine1aldnagnsn1sI AL BTN oann152018 (Chen et al. (2019) uag

Us¥nnilanmadesgelinnuainsalunisamuniu ESG wazsnwanalusdlanienistiu Jluwildugndndeniing

U

a v Ao i

aytlugady vugnuTvnnlianimadewne1advedndnlun1saniluanuniu ESG kazillen1ateenasn1unaginig

Ysidiu (Tan & Tuluca. 2023).

[

3. yilAusiovu (Debt to Equity - DERA) Hnaseuieniteglusuilvudaiiu (THSI/ESG Index) waz SasnBitu

a v o a

Iinuiasa (ETR) Inense illosanndudi@inlassasnmnnistuwasannudemesuien vievidniiadugaiulidngn

19935 ANUELRuANUTIEULare19ldUsElewiann tax shield Lieann1sen® vlvian ETR snas vaueNusenid

lassaaquannaazillonmaingaviludduinnnituagdl ETR Tusdlaninuienndlassasmilduuinnitu (Febriany
& Syarif, 2025) wagWang & Li (2022) useniildniiasinlduselevianaldanenendoduniadielunisannisznd
(Interest Tax Shield) dwalin1szndidosinvanas

4. wildusiusesduningsiu (Debt to Total Asset - DTTA) uTEvnillassaiamnan1siunuuivildugeaunse

iludnsannisenBdmsuuidniigninindudviiiudsduld Taaenndosiu Nassar (2016) lassadimnanisiuwuud

wilduas (high leverage) Aawn3asdiadAgylunisannisen1dvesuiem saudsusenngudvivudedunie lnguselovd

o ]

manddlngiinannisinendedisanuidunninaavdourlsnoumwnn@vhligunmdanasegradussuy
NIDULUIAALAZANNAFIUVIIUIY

NLWIAALAENG B Ieau NuITedysvasddnwianuduiusseninsdyidvudsuiudnsan8kulan

o o

W39 nouindnvesnuidelAenguddiuny wiAnn1siiduguaianig uag §nsn8lulanuiase iessuisuay

e nslwIUJURTIIN eI ud T ukar 8n TN ERulATLRTe nieeSunsuazneInNTaluIINgN1TalAILUTIIN

a a ° = 3 a Ao = v o a .
anuignu mAdesinamamnsathudeudunseununinnuidedassnousedauUsdass (Independent Variable)

v
° o A

wazALUsANY (Dependent Variable) Ingitauufguauiduivundall

|
Y o A a

AUNAFIN(H): AvdiviudsgulinnuduiusidauiniudnsnStulanuiase

q

wiawauIEnaiuaudsuaziusegdalunlovisnsnlussdlanas Suiaveusedauiinnitanuaiunsaly
n3UfuRaunguune dedumauilaiddniliduinsdiiunmsdanisniBedefivszd@niam visuidnenadinig
Mununieliduntiesiian dwmalinanisandunulusserenvesusgnianuiuauazdsdulussozend

AN 1 NFRUBNIAANITIY

fulsdass AU
Fiiviugsdu R dn3nBRUlAWYRS
(Sustainable Index: THIS) (Effective Tax Rate: ETR)

?

1. dnswanauwnURedUNIng (Return on Asset: ROA) 2. @ wAaeesianis (Firm’s Liquidation: FILI)

3. nildusionu (Debt to Equity Ratio: DERA) 4. SnsndruniiAusioduning (Debt to Asset Ratio: DTTA)
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= ad a o
sudeudtnisive
UsEynsuasngunlegns
Useansntdlunisaneasetl lown vsennaaneidoulunaianannsnduviausemealtng ausnt w.e. 2562 04

o

w.A. 25661 lisaudeyaudtnilegszninaluyians Jeyau3eniiduantunsiudadlaseasnawessun1stuuansig
NgaamnIIUNIlY wazusenildeyaliasu 5 Yrdeliteyaliauysel nszviunisAndendisteiavidendoulagn
189011599 1

M19199 1 N1SLABNNGUATDEN

A183U"Y I ety
Uszrnaitanun 6862  UIHW
#in deyausenitogszarisiumgfians 4 uIEm
Foyauomiduaniunisiuaslasiaiiswessunsiussaingnamnssuvily 135 U3
Foyausemilsiauysaiviosideyalsinsu 5 9 @w.a. 2562 Fa 1..2566) 72 U3
IUIUYTEYINTALNGD 547 U
ﬁmauﬂa;uﬁaasmﬁwm 2,375  UYusem
vin deyadudurliauysal Agegauazandigaviedeyainuni 32 Uuium
AUVRBIUIUNGUAIDE 1LY 2,343 Uu3em

FBnsiusauTiuteya

ToyanwualaanuignannzidoulunaandnnindurisUsemalne Tuynl w.e.2562-2566 1e¥eU3Eniiey

Y

11 THSI (Thailand Sustainability Investment Index) Toyan13n153uaN 3Un153uYsEaY Wy dlsans, dlsneu

M¥, mldaen8Quls, Funing, vilduuazdruresteu

A0ALAZN15IATITVTaYE

Y

AN blunsImsIEvanatun1sanwasallann affdeanssaunldlunisiesierideuaniluveeianls

U U

wananaluguvesATeay Auade A1gean AvngakazALdgaULINATEIU NMSAnWANUALTUS SR uviud gy

fusnsmSRuldiwiawesuivmaane Toulunaandnninduisusemelnelaglinsiinnesideyafoaifoyuu
(Inferential Statistic) Lﬁamaa‘ummag'mLLa3wmﬂiaiﬁ%aa%mwsmgmmiﬁLﬁmﬁﬁuswdwmmﬁuﬁuﬁ‘iw’mﬁmﬁ
vugBuiusnnnStuldfiuriags Usznouse Adussavanduiusiuuiiesdu (Pearson Correlation Coefficient)
N153LATILYAANRELTINY (Multiple Regression Analysis) Lﬁalﬁifﬁ’m%’umsmaauamﬁgmmﬁﬁ’a aunsadouly

sULUUvRIANNTAaT]

! foyaannmarananninguialseimelneg o 25/09/2567 drdialen
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ETR = By + ByTHSI + B,ROA + B5FILI + B,DERA + BsDTTA + ¢

TngAUsELANGLUT kAL ABS U LU IUALNNSU IR ULEATLUANS197 2 Aaludl

A15197 2 AUs Usennaiusuazamasune

fawls  Uszndauls Aa5UTY
ETR  Dependent dn1nBRUlAILAT Taran aldanengRulamsmenilsnounetuls
THSI  Independent suiiiudiduvesnaiananninduisUseinelng Tadsaedulsyu Taeh 1 vy

USEnIlasuAvsilviugstu wag 0 wirduusunnlila

ROA  Independent gnTmanaUwURAUNINgTIN JnA191n Mlsandmsmeduningsiu

FILI  Independent anAdesesians Iaain Aunindvauieumnsieniiiumuiey
DERA  Independent SnanduvilAudeduesioru Tnran ilAusumnsiediuresieru
DTTA  Independent Samdumitaususedunindsuiaman nidusmsaunindsau

£ Error term AMANAALATOL

NaN15398LLazN15aAUTI8NE

M3l IngUszasriiiefnyianuduiusseniadudrudduiudnsnnBRulanuriase vesusenannzdeu

Vo

TupanandnninduwisUseinealve awnsaasurnansidelans

M990 3 MFIATIRVALRRY dIdelULNINTIU ANgEaLaARNER

AuUs Aade AgeEn Adngn Andsauunsgy
ETR 0.1122 6.8152 -8.4663 0.4628
THIS 0.1434 1 0 0.3505
ROA 0.0337 0.8533 -1.2143 0.0915
FILI 2.4824 19.4764 0.0269 2.5466
DERA 1.0695 16.0759 -8.5670 1.3109
DTTA 0.4403 2.5135 0.0224 0.2402

=~ YR a

A1519% 3 LansanAdanssauvesdlusdAylunuudans lagnuindanlsang o dszaualladsuazaiy
wUsUsaulszneume duUssnsn183ulanuiase (ETR) danade 0.11 vaeiidaudsdvidiudedu (THS) frade

0.14 FkUONTINANBULNUABRFUNS WM (ROA) dAtade 0.03 fkUsan naasdvadnanis (FIL) dawade 2.48 39

e 2D

dusiadiuvesiioviu(DERA) IAady 1.06 avvioudiaseiunisenil

=D

JueiigeanlungusuUsvianun Tuaaed fudsm
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PEANFAITEWINAUTEN WBNINT FwUTUNAUTIUADEUNSNGSIU (DTTA) TA1RAY 0.44 LEAAITEAUAUNSNETILADLDA

willuszaulunans Maviamueasviouliduienuainatsvesdnvaznienstulungudiegrsuignaanzieu

M19197 4 MIATIRRALUsEENS anduiusseniviudeduiuanuansalunisidenis

ETR THSI ROA FILI DERA DTTA VIF

ETR 1 0.0541* 0.1438* 0.0291 -0.0203 -0.0055
THSI 1 0.0877* -0.1201* 0.0956* 0.1393* 1.04
ROA 1 0.1596* -0.2813* -0.3139* 1.14
FILI 1 -0.4615% -0.6669* 1.92
DERA 1 0.8388* 3.59
DTTA 1 5.25

* Correlation is significant at the 0.05 level (2-tailed)

NANTI9T & NamFIAsIERAENUSE AN aNdUNUSLUU Pearson wuinfaudsdassiimnuduiusiulusysu
srflsuunans Tnsgfudsiiferudiiusmeauingsdian e Sanduniaureduvesiieriu (DERA) wasdnsdy
yilauTnsefuningsau (DTTA) fefieanduriug 0.8388 luvafigiuusiifieuduiussaugeiian fo aninedes
vasRans (FILI) wazdnsauniiausiureduningsiu (DTTA) ailan —0.6669 viaiiusiinAinnnuduiussananay
ﬁauﬂﬁwquﬁmﬁauﬁumm%ﬂ"ﬂﬂ wAdsdnI LN 0.90 Jedenludteyn multicollinearity Tulesdu (Stevens, 1992)
YoN9INd NsAI9dRULULANE 8RN Variance Inflation Factor (VIF) wuinfauUsdaseilan VIF sswing 1.04 9 5.25

Fafnninaei 10 (Hair et al, 2006) wanaidiuwlsdaseiammaldianuduiusiulusssuidudymaenisiaseyt

213N

M990 5 NMFIATIRVIANNDANRELTIMAMYBLdBuiuANaTalunsdenE

fauls B Std.Err. t P-value AUFUNUS
Constant 0.0280 0.0214 1.31 0.191

THIS 0.0358 0.0134 1.72 0.086* il

ROA 0.1550 0.0652 7.13 0.000%** il

FILI 0.0729 0.0026 2.58 0.010%** i
DERA -0.0651 0.0084 -1.69 0.092* i
DTTA 0.1414 0.0497 3.02 0.003%** a

F statistic = 12.92, P = 0.000***, R2 = 0.0269, Adj R2 = 0.0248

a v o

*pdAyn1eananszau 0.10 * Idpd Ay 1eananszau 0.05 ** Atvd1Agyneadansedu 0.01 **
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PNNTNT 5 wudlunannnesiiiedAyneana (F = 12.92, p < 0.01) azvipuinlifulsdaszogntneni

o A

Afanansaesunedudsniu (ETR) I tned1anuaisnsaluniseduievedaina (Adj R?) Wiy 0.0248 Fauslalaige

1y

wifelmnauiudeyaidanginssuvesusgnndnle

i)

o

vansnaantadurainnane wazlunadanddlaunueLTs

dwsuduusdasenudn dviludeBu (THSN) fanuduiusidauiniudasinddulanuiasa (B = 0.0358, p <
0.10) aviouinuIemiegludviiaudsguiiuuilinujiRnuderimuniiunisanin

Y

fudsiulszannmlunisaiiuau (ROA) frnuduiusidauinageiitedAnas (B = 0.1550, p < 0.01)

v a

WEAAIINUT VA RanauLnUINAUNSNSlaa danuaiuisalunisidensunniu Useneududulsauaninaaedes

a v

Aan1s (FIL) fauduiusiBsuanegrediduddey (B = 0.0729, p < 0.01) Us¥aruiEvaiauaiunsauimsnssua
Ruyumyudeund geusimnuaiunsatunsdeniBiiuieiu
mkUsiulasiasimu nuidnsdumildudenunuiuliaa (DERA) danuduiusideauiuanuaiunsaly
naden® (B = -0.0651, p < 0.10) uaasiueniliniuniussgelaldaldanenendeduinsienans (Tax Shield)
ilinszanganas Tuvasfidnsdruniduswnedunsngsau (DTTA) dauduiusidsuin (B = 0.1414, p < 0.01)
dgvouinuIvniilassainmuaunaaunsauImsiuumensRulafuazianundenlunistisenguiniu
a ¢l v & 1 aw = o o & 1 Ay Yo o oa v J oA ~
HaN153ATIER T IiiuIuTEnaangdeulunaianannsndurisusemalned L suasdiug sl (THSI

o o

ANUFIRUSLTIUINAUEN TN BRULANUTIRSS (ETR) Beaonnaosiu nguiiunu (Agency Theory) waghwiAnmiugua
Aan137A (Corporate Governance) kazd@anAassiu Zhou, Liu, & Luo (2022) WUI1N15ANTUIIUATUAIINEIE U2
Wuauiulavesesrnslunsiden® saudsaenndasiunisfnuuas Eccles et al, (2014) audsduduiladeoiasy

a wva =

nsUsuUgenseuaunsanelukarnsufiRanungssideu
dmsudarnanauwnusieduning (ROA) nupnuduiusileuinedilduddnge donndosiu Gao & Zhang
(2021) s¥yineAnsTiiHaMIANTuNUG dgoufiauannsatnsen1Baiu Wewnndimlaieme vaeianinadeswes

a

A3 (FIL) danuduiusidauiniuanuaiunsalunsidentiguiu aenngdednu Lanis & Richardson (2012) wuin
a v oo a o |t '3 a A ~ o Y . a o
‘wa‘wugmzmmumumlmwawmaqﬁnﬁm‘i‘maﬂLa&Nm‘w LagENanAARBINU Varoonchotikul (2021) 51897UUI¥NIN
neileululsewrlneifian neagesd TanuaiusalunsdenBiiudusasdunliubenisieea
Tumnanduiu dnsndnumiidusionu (DERA) fianuduiusidauivdnin8Rulaniunas fwdonndes Wang &
Li (2022) Tiszyirusnilivilgainlduselemianaldienendeduniadislunisanniseand (Interest Tax Shield)
dealvinsen18ndesinganas uenanfifsaenndasiu Baker & McKenzie (2020) Ais¢y3NT1siAnIsiasaasnanud

aunadwHafranuasalunsUfURnuY

nstrlu1duselevd
HaNTIdvatiuayuINsUfURmuman ESG uarnsegluduivudiduanuduiusiduiniudnsngdulan
wiase Uadfanmsmanidemginssunununduaznisiiuanalusdalunisdend wuauandslfifdmsuesdns

namu wavdanisaudes lngaunsodn ESG inldinvunnagnsananudesndssesey Aansewiundanudes



Journal of Modern Management Science 18(2) (2025) pp. 65

B werTmitTe £SG hfulimaUszliuanaudsminsiuiarn@ Tnsideaueuurulovisremsnuniady
W nswassnsidaadunslamedeyanSidsdemnanSdmiuuiemiuiiinu £5G Weiiumeldnidesis
Jebu dmsunaravdnninduvisUszmalng (SET) waggnvuANInsguTRd (W n.a.0. Lazaninindyd) Aisveny
st dvudsdulinsouaquiidn® uazUiuusauunuiuinsmenulisunsmetulduiasiunsdasedoya
ESG titeliiaenndesiumasgiuanna sumsmiugualasanlussladmalauansesnsnetuldiuiage iums
annnAnsTIvaudsImS wsiliauenssunisuiddnsenhsnuamsquaulovisnSiiaesadotu £SG a1z
1 Juniesiiodansosanudsindlunesanisamy uazatuayunisnawundseninsUssmealiaenadesiy
1IA5§1U OECD fedsesdnsinednluldass Idun PTT Aldnsdaasunmsdamedonant® uazlasanisndaanu
azoniilosuavsuszlovinm® ThaiBev finuanmsiifuguani@iunseu ESG leananandesnfin® uaz SCG Aldns
asuAswgRamudsuiiesunssgddaiunsideni® 91n BOI dwaliiansnsndiuldiiuvias sghagnngruneuaziiia
yarWnevu

G

9

i ug 1 ulinaLBauInsedns1n 1 BRUlAWIAS wansdauseniianfiuauaiunan ESG dnnulusdavay

I3
o a a v a

UJUAnutanruan18u1nnIn wir1dudseninisdndulasuanifalidadsdusiunieigy dnsINanaulnuse

dunind anmadewedfianis uardnsdumnildu nadnsaenndesiuauideaina ESG anusqdlalunisvauiieantd

waikanegluuIauTuN WU a1515usTUsErruIY a1ensasgBulailigy avviounnuduiusiuediulasiadiaumTugia

wazsTUUMNUAUATRILARYUTENA

Jaannanasdatauanuzdmsuauilgluauian

1. mu%ﬁaﬁlﬁaaﬂamﬂU%ﬁmﬁawsLﬁauiuma’]wé’ﬂm"wéLLmUizmﬁi‘waimhﬁJ WA, 2562-2566 FauTu
framanfisnin enaldasounimsiuuaruultuegaduilussozon SansliinnsAnudedadusseznaiiuiniy
dielitoyalinuaseunquuazidefionntu

[V 4 LYY =

2. nddeilyaiuluiFesanuduiusseninedvidiudBuiudnsnBluliiiuiasdagenadilinseungy

q

Uadudug Nenvdwmanannuaisatumsiden® wu Jadeduasugialessiu, wleuieniasy, vieussenavialy
\BednfionaiinasongAnssun18vesuiTy Jeanursanaunduwuinsdmsvnuidulusuenlidnutadeimwand

LAY

318115871989

Allan, C. M. (1971). The theory of taxation. Penguin Education.

Bani-Khaled, S., Azevedo, G., & Oliveira, J. (2025). Environmental, social, and governance (ESG) factors and
corporate value: A systematic literature review of theory and empirical evidence. AMS Review, 15(1),

228-260. https://doi.org/10.1007/513162-024-00200-7



Journal of Modern Management Science 18(2) (2025) pp. 66

Chaichuen, P., Phusuwan, P., Pung-ngam, S., Neungwanna, U., Chammungpuk, W., Klaprabchone, K., Prapho, T.,
& Lissani, S. (2022). Good corporate governance factors affecting planning of listed companies in the
Stock Exchange of Thailand. Academic Journal of Phetchaburi Rajabhat University, 12(3), 23-32.

Chen, Y., Ge, R, Louis, H., & Zolotoy, L. (2019). Stock liquidity and corporate tax avoidance. Review of
Accounting Studies, 24(1), 309-340. https://doi.org/10.1007/s11142-018-9479-6

Desai, M. A., & Dharmapala, D. (2009). Corporate tax avoidance and firm value. The Review of Economics and
Statistics, 91(3), 537-546.

Duong, T. Q., & Huang, Y. C. (2022). The mediation effects of tax avoidance between ESG and cost of debt,
firm value: Evidence from ASEAN listed corporations. Journal of Economics, Business and Environment,
10(252), 201-232.

Eccles, R. G, loannou, I, & Serafeim, G. (2014). The impact of corporate sustainability on organizational
processes and performance. Management Science, 60(11), 2835-2857.

Elamer, A. A., & Boulhaga, M. (2024). Corporate tax avoidance and firm value: The moderating role of ESG
ratings. Business Strategy and the Environment, 33(1), 1-15. https://doi.org/10.1002/bse.3881

Febriany, A., & Syarif, D. (2025). Pengaruh return on asset, debt to equity ratio, dan capital intensity terhadap
effective tax rate pada perusahaan barang konsumen primer. eCo-Buss: Economics and Business, 8(1).
https://www.researchgate.net/publication/394568589

Gao, Y., & Zhang, C. (2021). Sustainable development and corporate taxation: Evidence from emerging
markets. Journal of Cleaner Production, 278, 123456. https://doi.org/10.1016/].jclepro.2020.123456

Hair, J. F., Black, W. C., Babin, B. J., Anderson, R. E., & Tatham, R. L. (2006). Multivariate data analysis (6th ed.).
Pearson Education International.

Huseynov, F., & Klamm, B. K. (2012). Tax avoidance, tax management and corporate social responsibility.
Journal of Corporate Finance, 18(4), 804-827. https://doi.org/10.1016/j.jcorpfin.2012.06.005

Jensen, M. C,, & Meckling, W. H. (1976). Theory of the firm: Managerial behavior, agency costs and ownership
structure. Journal of Financial Economics, 3(4), 305-360.

Kim, O., & Verrecchia, R. E. (2001). The relation among disclosure, incentives, and uncertainty. Journal of
Accounting and Economics, 31(2), 131-150.

Lanis, R., & Richardson, G. (2012). The effect of corporate governance on tax avoidance: A review. Journal of
Accounting Literature, 31(1), 61-85.

Mahawong, B., & Pajongwong, P. (2019). The relationship between firm performance and corporate tax
avoidance of listed companies in the Stock Exchange of Thailand in SET 100 Index. Kasetsart Applied
Business Journal, 13(18), 15-40.



Journal of Modern Management Science 18(2) (2025) pp. 67

Mitroulia, M., Chytis, E., Kitsantas, T., Skordoulis, M., & Kalantonis, P. (2025). ESG strategy and tax avoidance:
Insights from a meta-regression analysis. Journal of Risk and Financial Management, 18(9), 503.
https://doi.org/10.3390/jrfm 18090503

Nassar, S. (2016). The impact of capital structure on financial performance of the firms: Evidence from Borsa
Istanbul. Journal of Business & Financial Affairs, 5(2), 173-176.

Organization for Economic Co-operation and Development. (2020). Responsible business conduct and
sustainable finance. OECD Publishing.

Passas, |. (2024). The evolution of ESG: From CSR to ESG 2.0. Encyclopedia, 4(4), 1711-1720.
https://doi.org/10.3390/encyclopediad040112

Phomkul, S. (2021). The influence of profitability, operational efficiency and inventory management on the
corporate income tax planning for auto parts industry group on board of investment in Eastern
Industrial Estate. [Independent study, Master Accountancy, Sripatum University].

PricewaterhouseCoopers (PwC). (2025). Tax transparency and tax sustainability reporting study. Corporate
Sustainability Reporting Directive (CSRD).

Rudyanto, A., & Pirzada, K. (2020). The role of sustainability reporting in shareholder perception of tax
avoidance. Social Responsibility Journal, 16(8), 1243-1263. https://doi.org/10.1108/SRJ-01-2020-0022

Shleifer, A., & Vishny, R. W. (1997). A survey of corporate governance. The Journal of Finance, 52(2), 737-783.

Sopa, D., & Sincharoonsak, T. (2021). The relationship between ownership structure and tax planning on
dividend policy of listed companies in the Stock Exchange of Thailand. NEU Academic and Research
Journal, 11(3), 139-154.

Stevens, J. (1992). Applied multivariate statistics for the social sciences (2nd ed.). Lawrence Erlbaum
Associates.

Stock Exchange of Thailand. (2025). Reports and database of listed companies in the Stock Exchange of
Thailand. https://www.set.or.th

Tan, X., & Tuluca, S. A. (2023). Liquidity and profitability’s effect on the environmental, social, and governance
scores of S&P 500 Companies. Corporate Governance and Sustainability Review, 8(4), 22-29.

Tang-an, K. (2022). Corporate Income Tax Planning that Effects the Firm Value of Companies Listed on the
Stock Exchange of Thailand, SETCLMV Index Group. Journal of Southern Technology, 15(1), 84-94.
https://so04.tci-thaijo.org/index.php/journal_sct/article/view/252073

United Nations Global Compact. (1999). The ten principles of the UN Global Compact.

United Nations. (1992). Report of the United Nations Conference on Environment and Development (Earth
Summit).

Varoonchotikul, S. (2021). How do financial constraints affect the relationship between corporate tax avoidance

and firm investment? Evidence from Thai listed firms. Kasetsart Journal of Social Sciences, 42, 455-462.


https://www.set.or.th/

Journal of Modern Management Science 18(2) (2025) pp. 68

Wang, H., & Li, L. (2022). Corporate social responsibility and tax avoidance: Evidence from China. Journal of
Business Research, 149, 36-48. https://doi.org/10.1016/j.jousres.2022.04.012

Wongkor, O., & Wannasathit, R. (2022). Relationship between good corporate governance and tax planning of
listed companies in the Stock Exchange in Thailand. Journal of Graduate School, Pitchayatat, 17(3), 73-86.

World Bank. (2019). Capital markets and economic development. Washington.

Zhang, Y., & Yuan, L. (2025). The effect of ESG performance on aggressive tax planning in China: The moderating
role of internal control. SAGE Open, 15(2), 1-12. https://doi.org/10.1177/21582440251341282

Zhou, G, Liu, L., & Luo, S. (2022). Sustainable development, ESG performance and company market value.

Wiley.



AMARNUIN



Journal of Modern Management Science

. ey
Journal of Modern Management Science | =¥=7 W

SRR ALl AW ol LY
hl v £ S b & e

Faculty of Management Science, Lampang Rajabhat University

https://www.tci-thaijo.org/index.php/JMMS —

Approved by TCI during

Usen1d 2158158101590 15808 T

1599 AIYFITUNTANUN IUINTAITINYIN1ITAIANTELS Tnal

o va o

Msansiensianmsaliolnl unsasdmiumeunsunanaifoseninegideuasiey daludielinisdeas
a 1 av @ 1 v ' = o ad o vada a a Sa ¢ A '
Mavnsiunaidedulleggnieaslusila JsivuaisujiRnauazatesssunsiinsanuasfnuriivemeuns

HaIde TngusnanuunumvesEmingtesl insl

unumvthiivesgfinug (Duties of Authors)
1. unnAdviduiienasanifiu deadunanuitlineifuidlaunou wagliegluszninenisiosandfanily
MimsvonulszgAnnmsssiuniazunuisu lifinsdnaentau (Plagiarism) HoimLeuasrody
2. wiswuatiuunanugnAswLULULTINNTaNTineInsdanisseyld
3. nswilvunanumudelausvesnsinaudinasnesussagns ginusiedeuilvliasuiiuwaydsunanuadu
uilvasysalndanesussansnsmelusseznaniidivun lunsaliimsideudmundwidosnidnmsdunaiy 19

fnafanisinunNanurson1sinaulaveInasussansnig

a

4. nstsgasssudeunisifiud ssdseiissnsufieinouunauazlasunisnaunsesuas TNl

q
Vel inusarldldsunsiuluansssudlenliimanisussdfivazeglunsdlag Anu

5. unenuigdnuslasunisiniuilagnsansinensdnnisailniseusesudy mnnendslinisfesSoungdu

1%

iimsifuideuntefnaenHANUIINEDU MasaTIneNsianisadeiniaranudvsnisaennsuunaiiy

v ' '
saa ]

(Retraction) 11 waglieugalifuseiusfifinedeluunanudanandsivatudifunisiasandduidu

v
o o '

szezan 3 U dusauwsiunioannay wavhdnusasdulSulinveuaudenetar A ldaneNagmuunsenuLes
Y Y

UNUIMULNNY89US5UNSN15 (Duties of Editors)

1. NowsIaNSNsIERsanAansesunANNidundfiunlunsasivemsiansadelninninae ingussasduag

a

YDUIIAYBINTANT TR IRNTRAMvBIUnANUAmvanIvNsTudesduneudiunanuliuign sl

)
Hughdudald

2. NBIUTINITNTALANTUNITERNENTIAUIANTAUTEIVIYANEIVIVBIUNAILIIWIY 3 AU Negauazdanafiu

q

v
o

Hinus wazafiunsnaunsesunaulaenviaedgaglinsiugedaiuuasiu (Double blind peer review) Tu
FENINNTATAUNUNAIY
3. nesussansnsarliUnmedeyavesinusuaginsinanainusaliuunanuuiyanailidifeites

4. nesusssnsazhinduddndunauiu Ufes nsfiiuiunam



5.

Journal of Modern Management Science

£

NeUsINSN1svesuTeIlidnaUsylevilviudauiuyinus gvsinandivsediuunany gusmsanidu vse

]

anvuw/aernsdulaniidldrnudeiuunaing

unumnivesgnsennaiusziliuunadnu (Duties of Reviewers)

1.
2.

Lidnmetoyavesunauiidsniilefinsuliuiyaraduilliifeitos
Lyifinauslomiiudoutuunaudidanlifarsan nsdiinuiunanudnaninalsslomifudoussdoudaun
NBIUTIANNTANT ‘vﬁaﬂﬁLaﬁﬂﬂiﬂszLﬁuumﬂawmfu
ﬂssLﬁuummmiuawﬁsmﬁmuﬁmwLSTimmzymuUizLﬁuﬁsquﬁw,wwizLﬁu‘ummm TngusiAannsha
AMUILYSeRsUald VS eanRlunsindulaiansanunay
mﬂwudmﬁnmmﬁﬂixLﬁuﬁmiﬁ'ﬂaaﬂwamumﬂﬁﬁﬂﬁtﬁqLm'ﬂammw%mi
danansUssfiuunaumuszeznaiinmun wagliududnesussaninislunsaiiisndusosdamanisuszidiu

FININTEELIANAVUA



Journal of Modern Management Science
A79819 JULUUNTWBUUNAIY (UnAun1eling)

Fo3panwlve (TH Sarabun New 18 pt. %u" Iade)
<1 enter size 16>

?}aﬁlmmméﬁmqw (TH Sarabun New 18 pt. #u Inde)
<1 enter size 16>

Fo-ananwilng (TH Sarabun New 16 pt. funi 3ndne)

Fo-ananw1dangu (TH Sarabun New 16 pt. §Und Fndne)

) a A v o
wanmiwawagum
Y 1
ﬂimQLWN 1 AU
Fo-wanagusdanan’
Name-Surname author’

LB9DTIONYNUILTA

wazidunvesilounulng (TH Sarabun New 12 pt. fiauni) Usenausiemhenuiidaia weslnsdn e-mail
swazBuaesiioun1udangy (TH Sarabun New 12 pt. funf) Uszneushemionuiidaia weslnsi e-mail
fogs

A1913¥N130A10 AMEINEINITIANTS UNTINENaBI I8 NaU1e Insdne 089-9998888 email: aaa@hotmail.com

Marketing Program, Faculty of Management Sciences, Lampang Rajabhat University, Tel.089-9998888, email: aaa@hotmail.com

IS4 1 1 o o = [ o o
nslEfusis 2 Ay agludeiadeniu/auasdain
Yo-uwanarusaan’ Fo-wwanaguas’ (rsesnune* Tdiawizdudandn)
Name-Surname author' Name-Surname author’

Weessavheniun (velvigillisuAnemdnnisldilisessavasiusunsu Microsoft Word Tignéiad)

IswazBunesiouniwilng (TH Sarabun New 12 pt. #Unf) Uszneusnemhenuiidsin weslnsdw e-mail
swazBuauesioun1udangy (TH Sarabun New 12 pt. fUnf) Useneushemiisnuiidedia weslusdmsi e-mail
51gazBunvesfiTeunwilng (TH Sarabun New 12 pt. funf) Uszneushemienuiidaia (sifedldwesinsdmiuaze-mail)
swazBunuesiioun1usangy (TH Sarabun New 12 pt. funf) Uszneushemienuiidaia (sifedldwesinsdmiuaze-mail)
feea

A9139INNTIAIN ANEINEINITIANTT URTINEIAETIBAEUI Insénn 089-9998888 email: aaa@hotmail.com

Marketing Program, Faculty of Management Sciences, Lampang Rajabhat University, Tel.089-9998888, email: aaa@hotmail.com
24U 3INNTRAIN AMEINGINITIANTT UMINEIRE TN

Marketing Program, Faculty of Management Sciences, Lampang Rajabhat University


mailto:aaa@hotmail.com
mailto:aaa@hotmail.com
mailto:aaa@hotmail.com

Journal of Modern Management Science

nsaifudenaud 3 auduly agludeiafeiu/auazdenin

v

Fo-wwanaruaImvan Ya-unuanaues’ Ye-unuanaguas’ Yo-wnanaruee’ Yeo-unuanagues’

1* 2 2 3
Name-Surname author™ Name-Surname author® Name-Surname author® Name-Surname author” Name-
3
Surname author

1399I TONIYNTILTN

feea

LA9139IN50819 ANEINEINITIANTT URINEIAET1BAa1U1 Inséni 089-9998888 email: aaa@hotmail.com

Marketing Program, Faculty of Management Sciences, Lampang Rajabhat University, Tel.089-9998888, email: aaa@hotmail.com
2g1013NNINATN AMEINGINTITIANTT UMINERE51A U9

Marketing Program, Faculty of Management Sciences, Lampang Rajabhat University

A IvPeNimeIgINY ANEINEINISIANTT UM INeIde 1Y Tedl

Business Computer Program, Faculty of Management Sciences, Chiangmai Rajabhat University

va o v o & v

nuewn JIdenandndudassey vingiaulnsdniiiazemail ieonisinse deleyatiagliusingluunanuilasunis

NINTURANUN

<2 Enter size 14 pt. fioudunidaunanda>

UNARga (TH Sarabun NEW 14 pt. %1 Iad1e) liviu 15 ussia

<1 Enter size 14 pt.>
AdIAgY: AdARyY1, AdAy2, AdAgy3 (TH Sarabun NEW 14 pt.)
<1 Enter size 14 pt.>

Abstract (TH Sarabun NEW 14 pt. %u1 Iade) laiiu 300 A1


mailto:aaa@hotmail.com
mailto:aaa@hotmail.com

Journal of Modern Management Science

<1 Enter size 14 pt.>

Keywords: Keyword1, Keyword2, Keyword3 (TH Sarabun NEW 14 pt.) Aussaeias esvune () Lifif1d1 “and”
wdnnTeu Keyword Wit ugusishususndemfiunilng sashussuq Ihdusaiuiidn vied Wwdnnsiieatuns
Jouedesnwdanguy

<1 Enter size 14 pt. feutuhideuni>

unU (TH Sarabun NEW 14 pt. %1 Iad18)

<1 Enter size 14 pt. foudwinde IngUszasrvensive>

MQUsEAIAYEINI5I8 (TH Sarabun NEW 14 pt. w1 Iade)

_____________________________________ "Hingusvasdmiestaien ludesdlddaduante

v '
® o Y a

<1 Enter size 14 pt. ADUTUMITD NMINUMIUITIUNTIUTNY D>
ASNUNIUITIUNTININYIUDS (TH Sarabun NEW 14 pt. %u1 Inge)

Usznauemy. Naed/sAuife/dunuiinys/ana) s/ nuideingatey/auussu/nIausufe

__________________________________________________________________________ e

mnihdedeslidentinduiarfiunderde arunsavindusinuile shatagu
VU HIUNAUNNNTNAIN

Aananatl anunsamvunauugnuten 1 lanadl

H1: Uadenienunisdassunisnana dnasnanisanauladanldusnis......
LUIAALAYINYU.......
Simon & Valensky (2013) 05U ..o UONNT

(Mandy et.al, 2015)

TWAW UWIVAN (2568) 08U I,



Journal of Modern Management Science

anse lala (2562) na1ana

NUIARAINGNITIFU asairunaNuRgiuten 2 laeedl

H2: Ja3en19au....... inasanisanauladenldusnis.....

WA 1 Y8 <TH Sarabun New 14 pt. ¥u1 3ANA19 wazABIREULIUAN)

AMnUsenau Tdnnenatatnseme

<1 Enter size 14 pt. nauUIUMTeszLisUITN19I98>

52108U35n15398 (TH Sarabun NEW 14 pt. %u1 Iage)

ag19tpedasUsENaUMETYe fawslull (NsTuiUagey ganrtinitiun)

Uszynsuasngudaegne (Wadages TH Sarabun NEW 14 pt. i)

aa

anawazn1slaTzvidaya (Wadagay TH Sarabun NEW 14 pt. viun)

__________________ asvedsadanldlunsinngideya Sansaaandesfiuataig

__________ t-o-e e gl VILIBLTINL LRIV IEL

Y

<1 Enter size 14 pt. nauIuMTananITITeLazNITaAUTIENA>

Nan15398uazn15eAUsIgKa (TH Sarabun NEW 14 pt. %u1 Iagne)

woakaszuliluundntanie

______ go-dere R L L e el



Journal of Modern Management Science

U X v o 3 v W

HAN13ANYY WU Msasentindedndnualvewmsdua (BIA) danuduiudidauindeaiuiianelavesgndi

Y

#@0AAAaBINU King & Grace (2010) AYINNSANWILAINUIT HARAUTNITBUINNTNRORANWALANIZFT @1U1T0E519AUNS
walawngnAuasninnudneie fdaunan1sAnyde aluayuauuAgIun 1 ...
<1 Enter size 14 pt. ADUTUAITI>

A15197 1 (Fa9Au size 14 pt.) Fons1s (Faunf size 14)

<1 Enter size 14 pt. Aowdunvensihluldusslovi>

a5 lU1gUselevy (TH Sarabun NEW 14 pt. wun Iagne)
Uszlevilidangued) (Wadegas TH Sarabun NEW 14 pt. %)

__________________ a5urenINan 153 Ul e I
Uszlaati@euinnsinnis (Wadeeae TH Sarabun NEW 14 pt. %un)

__________________ aaunen13dNanI el s lerluduinsdan v e eI msgana.

<1 Enter size 14 pt. neuTuiive Todndalaztaiausiuzdmsunuidelusuinn>

JadnnauazdatauatuzanniuuideTusuian (TH Sarabun NEW 14 pt. %un Iagne)

<1 Enter size 14 pt. NEUIUIITD T18A15O19D9>
$18A1591994 (TH Sarabun NEW 14 pt. %u1 Iage)

53T 1ensoeBalidnvimuguluy APAT citation style

nyanguliazden aideidudisnysduns uas lalavidmaas uiadavsauamsulunisdey

UNAIIUIIENNOANUNAIII5AITINgINI5IAnT15ase v



Template of Research Article for JMMS Journal

Title Name (Times New Roman 14 pt. Bold)
<1 enter size 14>

First Name and Last Name of Author <Times New Roman 12 pt.>

In case of only one author
First Name and Surname of author!

Footnote of the first page

! detail of author <Times New Roman 8 pt.> including the Affiliation, mobile phone and e-mail.

Example
! Marketing Program, Faculty of Management Science, Lampang Rajabhat University, Mobile 089-9998888, email: aaa@hotmail.com

In case of more than one author
First Name and Surname of author No.1'
First Name and Surname of author No.2?
First Name and Surname of author No.33

Footnote of the first page

! detail of authorl <Times New Roman 8 pt.> including the Affiliation, mobile phone and e-mail.
2 detail of author2 <Times New Roman 8 pt.> including the Affiliation, mobile phone and e-mail.
3 detail of author2 <Times New Roman 8 pt.> including the Affiliation, mobile phone and e-mail.

Example
! Marketing Program, Faculty of Management Science, Lampang Rajabhat University, Mobile 089-9998888, email: aaa@hotmail.com

2 Accounting Program, Faculty of Management Science, Lampang Rajabhat University, Mobile 089-9997777, email: bbb@hotmail.com
3 Modern Entrepreneur Program, Faculty of Management Science, Lampang Rajabhat University, Mobile 089-9996666, email: ccc@hotmail.com

<2 Enter size 12 pt. before abstract>

Times New Roman 10 pt. is applied to all body of the article

1. Abstracts <Times New Roman 10 pt. Bold>

Keywords: keywordl, keyword2, ..., keyword5 (not over 5 keywords)
2. Introduction <Times New Roman 10 pt. Bold>
3. Research Objective <Times New Roman 10 pt. Bold>
4. Literature Review <Times New Roman 10 pt. Bold>

This part includes theories, concepts, terminology, related works, hypothesis, and conceptual
frameworks



5. Research Methodology <Times New Roman 10 pt. Bold>
5.1 Population and Sample <Times New Roman 10 pt. Bold>

5.2 Research Tools <Times New Roman 10 pt. Bold>
Explaining research tools or instruments utilized in this paper, such as questionnaires, interviews,
observations, etc.

5.3 Research Tool Development <Times New Roman 10 pt. Bold>
Describe the details of the quality tools/instruments/tests in full, as well as the methodology used to
evaluate the tools’ quality, the number of experts engaged, and the results of the evaluation, including their
value, etc.

5.4 Statistical Techniques <Times New Roman 10 pt. Bold>
Describe the statistics used in this paper. It should align with the statistics presented in the abstract
section.

6. Results and Discussion <Times New Roman 10 pt. Bold>
e Describe the findings and discuss how they align with specific theories or related works
e Moreover, in this part, the author must explain the result of hypothesis testing, whether it is accepted or
rejected.

7. Contribution <Times New Roman 10 pt. Bold>
7.1 Theoretical Contribution
Describe how to use the findings in theory
7.2 Managerial Contribution
Describe how to use the findings in business management.

8. Limitations and Future Research Directions <Times New Roman 10 pt. Bold>

9. References <Times New Roman 10 pt. Bold>
References must be written following the APA 7th style.

Dear Author

We appreciate your submission of the manuscript to JMMS Journal. Before I can submit
your manuscript to the peer reviewers, you must revise it according to the JMMS template attached
to this message.

1. The* is used throughout the manuscript except the
title of paper.

2. There are the nine mandatory topics for JMMS templates. Please edit your manuscript
following the red text and the yellow highlighted.




	Slide 1

